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ABSTRACT. Ultrasound imaging is a widely used tool for visualizing human body’s inter-
nal organs and quantifying clinical parameters. Due to its advantages such as safety, non-
invasiveness, portability, low cost and real-time 2D/3D imaging, diagnostic ultrasound industry
has steadily grown. Since the technology advancements suchas digital beam-forming, Doppler
ultrasound, real-time 3D imaging and automated diagnosis techniques, there are still a lot of de-
mands for image quality improvement, faster and accurate imaging, 3D color Doppler imaging
and advanced functional imaging modes. In order to satisfy those demands, mathematics should
be used properly and effectively in ultrasound imaging. Mathematics has been used commonly
as mathematical modelling, numerical solutions and visualization, combined with science and
engineering. In this article, we describe a brief history ofultrasound imaging, its basic prin-
ciple, its applications in obstetrics/gynecology, cardiology and radiology, domestic-industrial
products, contributions of mathematics and challenging issues in ultrasound imaging.

1. INTRODUCTION

Ultrasound imaging system visualizes organs inside human body using sound waves with
the frequency range of1∼15 MHz higher than human audible frequency. Due to the various
advantages of non-invasiveness, safety, portability(seeFig. 1), relatively low cost and real-
time imaging over other imaging modalities such as CT and MRI, it is widely used in various
diagnostic fields of obstetrics and gynecology, cardiology, radiology, and so on.

Recently, it was reported that ultrasound market size was growing and the ultrasound mar-
ket including diagnostic ultrasound would be worth about6.23 billion USD in 2020 [1, 2]. In
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FIGURE 1. Ultrasound imaging systems of major companies: GE, Philips,
Siemens, Samsung Medison and Alpinion (from their homepages). The three
companies of (a)-(c) have over half of global ultrasound market share [3]. The
two companies of (d) and (e) are leading domestic companies.

order to have bigger market share, each global company triesto develop competitive imag-
ing technologies and to expand ultrasound use in other applications. For example, one of the
most promising technologies affected by increased computational power is real-time 3D ultra-
sound imaging. It is capable of providing good 3D visualization of organs at the faster rate
of about30 volumes per seconds compared to volumetric imaging modalities such as CT and
MRI. However, its resolution is not good enough so that it often fails to discriminate features
smaller than a few millimeters. Because of this resolution limitation, real-time 3D ultrasound
imaging is not frequently adopted for clinical examinations in radiology. Whereas, it is mean-
ingfully used for observing cardiac wall motion in cardiology or for distinguishing between
tissues and surrounding fluids in obstetrics and gynecology. In order to circumvent the reso-
lution problem, each company concentrates on fusion imaging technique that incorporates two
images acquired from two different imaging modalities: real-time ultrasound images and CT
or MRI images acquired earlier. It is able to provide more anatomical information indistin-
guishable with the resolution of real-time 3D ultrasound imaging and expand ultrasound use
in radiology. As other examples of the promising technologies, we can consider image quality
enhancement, faster imaging, 3D color Doppler imaging, computer-aided detection (CADe),
computer-aided diagnosis (CADx) and advanced functional imaging modes such as elasticity
imaging and vortex flow imaging. They are also very interesting and challenging issues to be
improved in ultrasound imaging.

Then how can we advance and innovate ultrasound imaging technologies? Like in other
industries,Mathematicshas played an important role in ultrasound imaging and medical diag-
nosis already. For acquiring gray-level echo images and color Doppler images,Mathematics
is used in various parts of time-delay computation for beam-forming, Fourier tranform of ul-
trasound signal for signal processing or filter design, auto-correlation computation for mean
frequency estimation, linear interpolation for scan conversion, and so on [4, 5].Mathematics
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is also used to extract functional information from ultrasound images. In order to avoid labor-
intensive and time-consuming manual measurements on gray-scale echo images, automated
segmentation and motion tracking algorithms are demanded.The automated measurement
methods are based on partial differential equation, numerical analysis, statistics as well as the
interpretation of acoustic fields and speckles as inherent appearance in ultrasound imaging.
Therefore, we can see that various levels of mathematical modelling and methods are applied
to acquire ultrasound images and to generate functional information for clinical evaluations.

Moreover,Mathematicsis essential in cases of elasticity imaging and vortex flow imaging
mentioned above. Elasticity imaging is an imaging mode to map the stiffness of soft tissues
such as liver or breast, and it can be implemented by reconstructing elastic modulus from
measured displacements governed by the elastic equation:

∇ · (µ(∇u+∇u
t)) +∇(λ∇ · u) = ρ

∂2

∂t2
u, (1.1)

whereu denotes the displacement vector,∇u
t the transpose of the matrix∇u, ρ the density

of the soft tissue as elastic material,µ the shear modulus withµ = E
2(1+ν) andλ the Lamé

coefficient withλ = νE
(1+ν)(1−2ν) . Here,E andν are Young’s modulus and Poisson’s modulus,

respectively.
Vortex flow imaging is an imaging mode to quantify the vorticity of intra-ventricular blood

flows and to offer possible clinical indices. Since the vorticity fields are obtained by taking the
curl operator to velocity fields of flows, the velocity fields should be exactly computed. The
velocity fields can be computed by solving the Navier-Stokesequation:







ρ̃

(

∂v

∂t
+ v · ∇v

)

= −∇p+ µ̃∇2
v in Ωt,

∇ · v = 0 in Ωt,

(1.2)

whereΩt denotes the intra-ventricular domain varying within the heartbeat cycleT , v the
velocity fields,ρ̃ the blood density and̃µ the blood viscosity.

The displacements of soft tissues and the motion of blood flows are understood through
physics-based mathematical modelling using elastic and fluid equations. Under those math-
ematical models, we deal with measurements obtained through ultrasound imaging systems,
construct the overall phenomenon from the partially measured data and quantify clinically
meaningful information. The point is that ultrasound imaging technologies will be advanced
and innovated throughMathematics.

The aim of this paper is to describe the importance and value of Mathematicsin ultrasound
imaging and to share them with other scientists and engineers. In this paper, we describe a brief
history of ultrasound imaging, basic imaging principle, its applications in major diagnostic
fields, domestic-industrial products and contributions ofmathematics, especially for beginners
to understand ultrasound imaging and pay much attention to it. Furthermore, we introduce hot
topics and challenging issues related to ultrasound imaging. They have to be resolved for the
advancements of ultrasound imaging technology. We hope many mathematicians recognize
how mathematics is used and contributes much to ultrasound technology innovation.
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2. THE HISTORY OFDIAGNOSTIC ULTRASOUND IMAGING

The history of ultrasound imaging starts with the history ofsonar, the abbreviation of SOund
Navigation And Ranging, measuring the depth of water using sound wave. In the late 1800s,
the theoretic and practical foundation for sonar and ultrasound imaging was established by a
mathematical equation describing sound wave and the discovery of piezo-electricity, electricity
resulting from pressure. L. Rayleigh described sound wave as a mathematical equation in his
paper “the Theory of Sound” published in 1877 and P. Curie andhis brother J. Curie discovered
the piezo-electric effect in certain crystals in 1880 [6–8].

Since the sinking of the Titanic in 1912 and World War I, echo-ranging systems were de-
manded to detect icebergs or submarines. In 1917, P. Langevin, one of the Curie brothers’
first students developed practical underwater echo-ranging systems using the piezo-electricity
for transducer, a device converting a voltage difference toa mechanical stress and reversely
converting a mechanical pressure to an electric potential.During World War II, echo-ranging
technique was applied to electromagnetic waves and became radar, the abbreviation of RAdio
Detection And Ranging.

Echo-ranging system as a diagnostic device to probe the human body was not developed
until the 1940’s. K. Dussik used ultrasound to diagnose brain tumor by transmitting an ultra-
sound beam through the human skull in 1942 [6, 7, 9]. He is regarded as the first-time user
of ultrasound for medical diagnosis. In 1948, G. Ludwig usedA-mode ultrasound system to
detect gallstones [7, 10]. The A-mode shows a signal profile representing the instantaneous
echo signal amplitude over time after transmission of the acoustic pulse.

FIGURE 2. Illustration of the A-mode and B-mode displays. A 2D B-mode
image consists of multiple and sequential B-mode lines.

After that time, innovative advances of ultrasound imagingtechnologies have followed. In
the 1950s, 2D B-mode ultrasound imaging system was developed and applied to detect breast
tumors and to diagnose in the obstetrics and gynecology fields [6,11]. The B-mode represents
the brightness converted from the amplitude of the echo signals. Fig. 2 illustrates the A-mode
and B-mode displays.
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Since the first implementation of ultrasonic Doppler techniques in Japan in 1955 [12], var-
ious Doppler techniques including the continuous wave Doppler, spectral wave Doppler, and
color Doppler ultrasound were developed through the 1960s and the 1970s [7, 13–17]. The
emergency of 3D ultrasound technology in the 1980s was capable of capturing 3D images of a
fetus [18,19]. Thanks to the continuous improvements of image quality and 3D imaging capa-
bilities, ultrasound technology became more sophisticated and capable of real-time 3D imaging
in the 1990s [20].

From the 2000s to present, 2D arrays of transducers were usedfor real-time 3D imaging,
ultrasound imaging system became miniaturized gradually and ultrasound imaging technology
is developing steadily for improving image quality, reducing costs, reducing exam times and
being applied to wider diagnostic areas. Recently, hand-carried systems became available. It
is becoming common with significant growth and can be used forclinical assessments even in
developing countries [21, 22] due to the portability and lowcost in addition to higher image
quality obtained by using special ultrasound probes for transesophageal echocardiography and
transverginal echo [23,24].

More detailed information about the history of ultrasound imaging can be found at the ref-
erences [4,6].

3. BASIC PRINCIPLE OFULTRASOUND IMAGING
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FIGURE 3. Block diagram of ultrasound B-mode imaging.

In this section, we describe the basic principle of ultrasound imaging, especially focusing on
gray-scale echo images, called the B-mode images. Fig. 3 shows intuitively that mathematics,
combined with science and engineering, is used in the process of ultrasound B-mode imaging.
Furthermore, we deal with the mathematical models on acoustic fields, fundamental in ultra-
sound imaging, and describe their applications. We can see that mathematics is applied usually
as mathematical modelling, numerical solutions and visualization.
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3.1. Ultrasound B-mode imaging. An ultrasound image consists of several sequential scan-
lines (around128 ∼ 512 scanlines), each of which is usually acquired through transmission
and reception beam-forming using transducer arrays. The transmission beam-forming is to
control electronically time delays for ultrasound beam emitted from the transducer arrays to
be focused at a point on each scanline. The reception beam-forming is to control electron-
ically time delays to accumulate back-scattered echo signals from a specific position, called
the received focal point, on scanlines. We note that the received focal point can be changed
dynamically on each scanline.

As sound travels through a material, the amplitude or intensity is decreased due to three
factors: absorption, scattering and beam divergence. We start describing mathematically the
ultrasound imaging principle, together with beam-forming, considering the time gain compen-
sation of the received and beam-formed echo signals [25,26].

3.1.1. Beam-forming and gain compensation.LetN be the number of transducers,rj the po-
sition of thej-th transducer andpj the received signal atrj for j = 1, · · · , N . We assume that
transducers are very small, sample positions on each scanline are far away from the transducers
and the impulse response is given in the form of Dirac delta function. Then, for sample position
r = (x, y, z) on a given scanline, the amplitude of the received signal at time t is expressed as

p(t) =

N
∑

j=1

pj(t− τj) = K

N
∑

j=1

δ

(

t−
|rj − r|

c

)

, (3.1)

whereτj is the delayed time andK a constant depending on depth.

3.1.2. Quadrature demodulation and envelope detection.Let f0 be the center frequency of
transmission signals. Then the amplitude (3.2) of the beam-formed signal along the given
scanline can be expressed as

p(t) = a(t) cos(2πf0t+ φ(t))

=
a(t)

2

(

ei(2πf0t+φ(t)) + e−i(2πf0t+φ(t))
)

,
(3.2)

wherea(t) andφ(t) are the amplitude and the phase of the received signal, respectively. In
order to remove signals with high-frequency and obtain meaningful signal with low-frequency,
we perform the quadrature demodulation. By settingp̂(t) = p(t)e−2πf0t and applying a low-
pass filter tôp(t), we can obtain a base-band complex signala(t)

2 eiφ(t). Its real and imaginary
parts are called In-phase and Quadrature signals, denoted by I(t) andQ(t), respectively.

I(t) = Re

(

a(t)

2
eiφ(t)

)

,

Q(t) = Im

(

a(t)

2
eiφ(t)

)

.

(3.3)

After the envelope detection by taking
√

I(t)2 +Q(t)2 from the quadrature demodulated sig-
nalsI(t) andQ(t), logarithmic compression follows.
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3.1.3. Logarithmic compression.Most of clinically meaningful signals are appeared with the
small value in the wide range of amplitude. The logarithmic compression is required to display
these meaningful signals in the 256 gray-scale values. The image intensityI(t) is expressed as

I(t) =
Imax − Imin

lnAmax − lnAmin
ln

(

A(t)

Amin

)

+ Imin, (3.4)

whereImax andImin are the maximum and minimum intensity values, to be displayed finally
in the gray-scale, respectively, andAmax andAmin the maximum and minimum amplitude
values with the range of interest, respectively.

3.1.4. Digital scan conversion and display.These intensity values at the sample positions
along each scanline are displayed on a video screen through scan conversion process for the
spatially arrangement. Scan conversion is performed by using bi-linear interpolation.

In order to improve the B-mode image, some signal/image processing methods may be used
additionally.

3.2. Acoustic fields. Jensen [27] derived an inhomogeneous wave equation describing the
propagation and scattering of ultrasound in an inhomogeneous medium, derived a mathemat-
ical model for the received pulse-echo pressure fields by considering the surface shape of a
single transducer element used in diagnostic ultrasound and showed simulated pressure field
compared to a measured field. In this subsection, we describethe mathematical models and
their applications.

3.2.1. Mathematical modelling.Let p(r, t) be the pressure variation caused by ultrasound
propagation at the positionr and timet, c(r) the propagation speed andρ(r) the material
density. Then the inhomogeneous wave equation is derived as

∇2p−
1

c02
∂2p

∂t2
= −

2(δc)

c03
∂2p

∂t2
+

1

ρ0
∇(δρ) · ∇p, (3.5)

wherec0 is the mean propagation speed,ρ0 the mean density,δc the speed variation fromc0
andδρ the density variation fromρ0.

Let pr(t) the received signal at the transducer surface andEm(t) at timet. Thenpr(t) is
written as

pr(t) =
ρ0

2c02
Em(t) ∗

t

∂3v(t)

∂t3
∗
t

[(

δρ(r)

ρ0
−

2(δc(r))

c0

)

∗
r

H(r, t)

]

, (3.6)

where∗
t

and ∗
r

mean the time convolution and spatial convolution, respectively. Note that

ρ0
2c02

Em(t) ∗
t

∂3v(t)
∂t3

is the pulse-echo including the transducer excitation and the electrome-

chanical impulse response during the emission/reception of the pulse,δρ(r)ρ0
− 2(δc(r))

c0
is the

inhomogeneities in tissue andH(r, t) is the pulse echo spatial impulse response given by
H(r, t) = h(r, t) ∗

t
h(r, t) with h(r, t) =

∫

S
δ(t−|r−r0|/c0)

2π|r−r0|
dr0 for the transducer surfaceS.

For validating the derived mathematical model (3.6), a simulation was performed under the
setup that a plane reflector was placed at focal point. According to an excited Dirac impulse,
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impulse responses were computed at the distances of three different positions from transducer
surface and compared to measured responses.

3.2.2. Field II simulation program.Afterward Jensen [28, 29] improved the mathematical
model (3.6) for the propagation and scattering of acoustic fields by considering acoustic fields
from arbitrarily shaped, apodized and excited transducersand dealing with the imaging prin-
ciple, and developed a simulation program based on the derived mathematical model and run-
ning under MATLAB software. It is called Field II. Using Field II simulation program, we
can simulate ultrasound transducer fields and generate somegray-level echo and color Doppler
images similar to real ultrasound images acquired in ultrasound imaging system as depicted
in Fig. 4. Field II is widely used in several companies, universities and departments because

FIGURE 4. Examples of ultrasound synthetic images generated by using Field II.

it is very helpful for scientists and engineers to understand ultrasound imaging and study im-
age processing methods such as speckle reduction on the synthetic images. It is available at:
http://field-ii.dk/.

4. APPLICATIONS OFDIAGNOSTIC ULTRASOUND IMAGING

Thanks to the advanced imaging technologies such as image quality enhancement, real-
time 3D imaging and the miniaturization of equipment, ultrasound is widely applied to various
diagnostic fields of obstetrics and gynecology(OB/GYN), cardiology, radiology, urology, and
so on. We note that applications in OB/GYN, cardiology and radiology account for about
70% of the entire ultrasound examinations. In this section,we provide brief explanations of
ultrasound imaging applications in major three diagnosticareas.
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4.1. OB/GYN ultrasound. Since the 1950’s, ultrasound has been used for the diagnosisof
gestation and women’s health. The ultrasound market for OB/GYN examinations has contin-
ued to increase. The main issues of ultrasound imaging in OB/GYN is to improve the image
quality for detecting endometriosis and gynecological cancer, diagnosing early miscarriage
and ectopic pregnancy, and evaluating fetal growth. Especially the performance enhancement
of static and real-time 3D imaging is still a hot issue for easier detection of fetal abnormalities
in obstetrics.

4.1.1. Ultrasound examinations.Fetal ultrasound examinations are classified into four parts:
first-trimester examination, standard second- or third-trimester examination, limited examina-
tion and specialized examinations [30]. Most of the examinations performed by observing or
measuring target objects: the presence, size, location andnumber of gestational sac(s), fetal
presentation, amniotic fluid volume, cardiac activity, placental position, fetal biometry, fetal
heart activity, and so on.

On the other hand, gynecological examinations such as the detection of endometriosis and
gynecological cancer are performed commonly by transvaginal scans, with the probe designed
to be placed in the vagina of patient. Since the scanhead of the probe is closely adjacent
to uterus, the transvaginal scans provide better image qualities and are useful for the early
diagnosis of miscarriage and ectopic pregnancies.

Recent advances of static and real-time 3D ultrasound imaging through various image pro-
cessing and volume rendering techniques have enabled performing more accurate diagnosis for
ectopic pregnancy [31] and providing more accurate diagnostic information: abnormalities and
anomalies by visualizing fetal face, brain, spine, and skeleton [32], fetal weight obtained by
measuring abdominal, thigh, arm volumes and head circumference [33–35], and the volumes
of lung and heart [36, 37]. High quality images and accurate boundary extraction are required
for fetal examinations.

In addition, Doppler ultrasound is indispensable for detecting fetal heartbeat as well as blood
flow characteristics in the various fetal blood vessels: umbilical artery, aorta, middle cerebral
arteries, uterine arcuate arteries and inferior vena cava.Power or color Doppler images are
used for examinations of fetal middle cerebral artery and cerebral venous [38,39]. Blood flow
to fetus through umbilical cord is also observed by color Doppler images [40, 41]. Note that
color Doppler images reflect one-directional velocity components of blood flow along scanlines
and power Doppler shows the volume of blood, rather than its velocity.

4.1.2. Innovative technologies for OB/GYN.Samsung Medison, a leading domestic company,
has released recently a premium ultrasound system ‘WS80A with Elite’ with superior ultra-
sound imaging techniques for OB/GYN examinations:S-Harmonic, ClearVision

TM
, Realistic

Vue
TM

, Crystal Vue, etc. Among them, we pay attention toCrystal Vuean advanced rendering
technique to enhance the image contrast of 3D volume data. Itis capable of imaging the in-
terface of bone and soft tissue with high accuracy and providing intuitive information on the
contour of fetal skeleton, face and brain. Lately,Crystal Vuehas been featured on the front
cover of Ultrasound in Obstetrics & Gynecology (UOG), a renowned journal in the women’s
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healthcare industry [42]. The images of fetal spine and ribsobtained byCrystal Vuewere
selected as the Picture of the Month by UOG. They provide remarkably clear and realistic
information of fetal spine and ribs.

Together with the advanced rendering technique, ElastoScan
TM

for gynecology is also being
promoted. It is used to diagnose benign gynecological disorders and to differentiate uterine
fibroids and adenomyosis. We can appreciate the remarkable images acquired by Samsung
Medison’s innovative imaging technologies at: http://www.samsungmedison.com/ultrasound/ob-
gyn/ws80a-with-elite/.

4.2. Cardiological ultrasound. Due to the high temporal resolution of ultrasound imaging,
cardiac ultrasound (echocardiography) has been very successful in providing a quick assess-
ment of the overall health of heart, a very fast moving complex organ positioned deep within
the body. Ultrasound examinations of heart functions related to cardiac wall motion, valve mo-
tion and blood flow are performed by various ultrasound imaging modes: gray-scale imaging,
tissue Doppler imaging, color Doppler imaging and real-time 3D imaging. Note that tissue
Doppler images represent the velocity of cardiac wall motion.

4.2.1. Ultrasound examinations.Echocardiographic examinations include numerous diagnos-
ing items: valvular heart disease, hypertensive heart disease, ischemic heart disease, cardiac
tumors, evaluation of the left and right atrium, evaluationof left ventricle(LV) systolic/diastolic
function, congenital heart disease, diseases of the aorta,and so on. For more detailed descrip-
tion on echocardiographic examinations, we refer to the literature ‘The Echocardiographer’s
Pocket Reference’ by T. Reynolds(2013) [43].

Among echocardiographic examinations, we consider only evaluation of LV function in-
cluding dimensions, volumes, wall thickness, LV mass, LV mass index, longitudinal motion,
radial motion, circumferential, segmental wall motion, wall motion score index, etc. For its
quantitative assessment, wall motion tracking and LV volume quantification at each time is
needed. To avoid labor-intensive and time-consuming manual LV tracing process, demand for
automated LV tracking and analysis methods has been rapidlygrowing and there have been
plenty of studies on LV tracking methods. In Section 6, we represent a problem on LV motion
tracking and solutions by mathematical modelling.

4.2.2. A software for quantifying cardiac function.Automated LV tracking methods can be ap-
plied to analyze and quantify LV function. TomTec is a leading company in medical imaging
software solutions and offers industry partners or clinicians various solutions for quantifying
cardiac function based on 2D and 3D echocardiography. As an example of software solutions,
TomTec developed AutoStrainc© by applying automated LV tracking method to visualize LV
function quantitatively. AutoStrainc© provides automated LV function analysis based on car-
diac apical long axis views. It visualizes longitudinal strain results, obtained by 2D speckle
tracking, to be color-coded in the individual clips and combined in a Bull’s-eye plot.

4.2.3. A software for visualizing and quantifying blood flows.On the other hand, another
imaging software company AMID has recently developed ‘hi-def flow tracking’ a software
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for visualizing and quantifying the motion of blood flow (http://www.amid.net). It is also
called Omega Flow (Siemens, Mountain View, CA). It is not based on color Doppler images,
but echo-PIV technique applied to contrast-enhanced echocardiographic images. Along with
studies on its clinical possibility and feasibility, this software continues to develop to be used
to evaluate cardiac function clinically.

4.3. Radiological ultrasound. Ultrasound examinations in radiology consist of abdominal,
vascular, musculoskeletal, breast, thyroid ultrasonographies, and so on. Most of ultrasound ex-
aminations are performed by observing main features or measuring the shape and size of target
objects using gray-scale B-mode images. Doppler ultrasound is used typically for evaluating
blood flow through blood vessels.

4.3.1. Ultrasound examinations.Abdominal ultrasonography is used for diagnosing the dis-
eases of liver, gallbladder, spleen, pancreas, kidneys andbladder. As an example, liver is
scanned to examine focal liver disease, diffuse liver disease and hepatic vasculature.

Vascular ultrasound is adopted typically for observing common/internal carotid artery and
diagnosing carotid stenosis and chronic mesenteric ischaemia. According to carotid artery
stenosis, gray-scale B-mode images is used for characterizing plaques into four types and
Doppler ultrasound is used for evaluating both the macroscopic appearance of plaques and
flow characteristics [44].

Musculoskeletal ultrasound is a fast and dynamic way to examine shoulder impingement,
shoulder instability and rotator cuff disorders. It also allows evaluation of the joint, tendons and
ligaments by imaging elbow anatomy and wrist anatomy. Moreover, it is used for diagnosing
hand, hip, knee, ankle/foot, etc.

Breast ultrasound enables evaluating a symptomatic young or pregnant patient, to evaluate
a palpable lump with negative or equivocal mammographic findings, and to distinguish be-
tween benign and malignant characteristics. Benign characteristics of breast lesions include
well-circumscribed and hyperechoic tissue, wider than deep and gently curving smooth lobu-
lation. Meanwhile, malignant characteristics contain sonographic spiculation, deeper (taller)
than wide, micro-lobulation, thick hyperechoic halo, angular margins and markedly hypoe-
choic nodule [45].

Ultrasonography of thyroid is used to diagnose multi-nodular goitre, colloid cyst and thy-
roglossal duct cyst. Especially for diagnosing intra-nodular vascularity, Doppler ultrasound
is required. Large cystic component, comet tail artifact and halo are regarded as benign sono-
graphic features of multi-nodular goitre, while intra-nodular blood flow, large size and presence
of micro-calcification are classified as malignant features.

In addition, ultrasound elastography is used for evaluating liver disease or detecting tumors
of breast and thyroid by providing additional stiffness information of tissues [46, 47]. Differ-
ent from the conventional ultrasound imaging modes, it is a relatively new imaging mode for
visualizing qualitatively or quantitatively the stiffness information of tissues.

4.3.2. High technologies for radiology ultrasound.For radiology examinations, Samsung Medi-
son has released a premium ultrasound system ‘RS80A with Prestige’ with high technologies:
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S-Harmonic, HQ Vision, NeedleMate
TM

, CEUS+, S-Fusion, S-Tracking, S-Detect
TM

for Breast,
S-Detect

TM
for Thyroid, S-Shearwave, ElastoScan

TM
, etc. We can see the Samsung Medison’s

high technologies at: http://www.samsungmedison.com/ultrasound/general-imaging/rs80a/.

5. DOMESTIC-INDUSTRIAL PRODUCTS AND IMAGING TECHNOLOGIES

Samsung Medison and Alpinion are leading companies in domestic ultrasound imaging in-
dustry. They have released many ultrasound imaging systemsfor OB/GYN, cardiology and
radiology examinations. In this section, we deal with majorimaging features contained in the
ultrasound systems of Samsung Medison and Alpinion, and seehow mathematics is related to
the imaging features.

Based on the product information provided through the website or brochure, we compare
the imaging technologies of WS80A with Elite and E-CUBE 15EX(Women’s Health), which
are high-performance imaging systems for OB/GYN application, of Samsung Medison and
Alpinion, respectively. Table 1 shows most of imaging technologies are implemented by beam-
forming methods, signal processing, image processing methods such as speckle reduction, edge
enhancement, contrast enhancement, edge detection and image segmentation, digital scan con-
version and elasticity imaging methods. 3D volume rendering and visualization techniques are
used very much, especially for OB/GYN applications. As we know already, these ultrasound
imaging technologies are basically based on mathematical modelling, numerical solution and
visualization.

TABLE 1. Comparison of imaging technologies of two domestic companies:
Samsung Medison and Alpinion for OB/GYN ultrasound.(SCI: spatial com-
pound imaging, FCI: frequency compound imaging, DSC: digital scan conversion)

Samsung Medison (WS80A with Elite) Alpinion (E-CUBE 15EX)
Features Technologies

S-Harmonic Harmonic Imaging signal processing (filter design)
ClearVision

TM
Optimal Imaging Suite

TM
speckle reduction, edge enhancement,

contrast enhancement, SCI, FCI
5D Heart Color (Fetal heart examination) - 3D volume rendering, visualization

5D Limb Vol. - edge detection, automated measurement
5D CNS+ (Fetal brain measurement) - visualization, segmentation

5D NT (Nuchal translucency measurement) Auto NT (Nuchal Translucency) 3D volume rendering, segmentation
5D Follicle (Follicle measurement) - 3D visualization, segmentation

Realistic Vue
TM

Volume Master
TM

, Live HQ
TM

3D volume rendering, 3D DSC
Crystal Vue - 3D volume rendering, 3D DSC

ElastoScan
TM

Elastography elasticity imaging
E-Breast

TM
(ElastoScan

TM
for Breast)

E-Thyroid
TM

(ElastoScan
TM

for Thyroid)
S-Detect - segmentation, edge detection

S-Vue Transducer Crystal Signature
TM

transducer manufacture
Wide angle endocavity transducer Extreme High Density Endovaginal transducer beam-forming, DSC

(E3-12A, Max210o) (EV3-10X / EC3-10X, Max230o)
- Flow State mathematical modelling, optimization
- Auto Trace PW, CW edge detection
- Xpeed

TM
mathematical modelling, optimization
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On the other hand, we compare the imaging features of two systems HS70A and E-CUBE
15EX(Cardiology) for cardiology application. Like in OB/GYN ultrasound, most of the imag-
ing technologies shown in Table 2 are implemented by beam-forming methods, signal process-
ing, image processing methods including cardiac wall motion tracking, digital scan conversion
and elasticity imaging methods. Compared to OB/GYN ultrasound, two systems do not equip
3D volume rendering methods, but wall motion tracking methods. In order to develop accu-
rate wall motion tracking methods, understanding and mathematical modelling of cardiac wall
motion are indispensable for the technology advancements of cardiology ultrasound.

We note that Samsung Medison and Alpinion lack real-time 3D echocardiography in their
released cardiac ultrasound imaging systems, as shown in Table 2. Real-time 3D echocardiog-
raphy is related to beam-forming algorithms for 2D arrays, 3D rendering and visualization, 3D
wall motion tracking methods, spatial/temporal resolution enhancement, and so on.

TABLE 2. Comparison of imaging technologies of two domestic companies:
Samsung Medison and Alpinion for cardiology ultrasound.

Samsung Medison (HS70A) Alpinion (E-CUBE 15EX)
Features Technologies

S-Harmonic Advanced Harmonic Imaging signal processing (filter design)
- Anatomical M-mode edge detection
- Auto IMT edge detection

Arterial Analysis - edge detection, strain analysis
(detection of functional changes of vessels)

Strain+ CUBE Strain
TM

wall motion analysis, motion tracking
Stress Echo Stress Echo wall motion analysis, motion tracking

- Echo Master
TM

measurement
- Auto Trace PW, CW edge detection

S-Detect
TM

- segmentation, edge detection
E-Breast

TM
- elasticity imaging

E-Thyroid
TM

- elasticity imaging
S-Vue Transducer high density single crystal phased array transducer transducer manufacture

Advanced QuickScan
TM

Xpeed
TM

mathematical modelling, optimization

According to radiology applications, the imaging featuresof RS80A with Prestige and E-
CUBE 15EX are listed in Table 3. Among the imaging features, S-Shearwave, S-Fusion and
Respiration Auto are added imaging features for radiology ultrasound imaging. S-Shearwave
computes the propagate velocity of the shearwave through the targeted lesion using elastic wave
equation, while S-Fusion and Respiration Auto are based on image registration methods. S-
Fusion enables simultaneous localization of a lesion with areal-time ultrasound in conjunction
with other 3D volumetric imaging modalities. Unlike the conventional image fusion technol-
ogy, Samsung offers a quicker and more precise registrationprocess. Respiration Auto feature
minimizes registration differences between the inhaled CTand exhaled ultrasound scan images
by generating compensated exhaled CT image.

6. APPLICATION CASES OFMATHEMATICS

As shown in the previous sections, mathematics is widely used in ultrasound imaging. From
the understanding of wave propagation and its scattering, beam-forming algorithms, digital
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TABLE 3. Comparison of imaging technologies of two domestic companies:
Samsung Medison and Alpinion for radiology ultrasound.

Samsung Medison (RS80A with Prestige) Alpinion (E-CUBE 15EX)
Features Technologies

S-Harmonic Harmonic Imaging signal processing (filter design)
S-Vision beamformer - beam-forming

HQ Vision SRI / FullSRI
TM

speckle reduction, edge enhancement,
contrast enhancement, SRI, FCI

NeedleMate
TM

Needle Vision
TM

edge enhancement, contrast enhancement
CEUS+ - contrast enhancement

S-Shearwave - elasticity imaging, elastic wave equation
S-Fusion - image registration

Respiration Auto - image registration
S-Tracking - edge detection

Arterial Analysis - edge detection, strain analysis
(detection of functional changes of vessels)

S-3D Arterial Analysis - segmentation, 3D visualization
(volume measurement of artery plaque)

Auto IMT+
TM

Auto IMT edge detection
Strain+ - wall motion analysis, motion tracking

Stress Echo - wall motion analysis, motion tracking
S-Detect

TM
for Breast, S-Detect

TM
for Thyroid - segmentation, edge detection

ElastoScan
TM

Elastography elasticity imaging
E-Strain

E-Breast
TM

E-Thyroid
TM

S-Vue Transducer high density single crystal convex transducer, transducer manufacture
renowned ALPINION’s linear transducer set

- Panoramic Imaging image registration
Advanced QuickScan

TM
Xpeed

TM
mathematical modelling, optimization

scan conversion, signal processing theory, various image processing methods, and so on. In
this section, we introduce some practical cases of mathematical applications for ultrasound
imaging: LV motion tracking problem, LV vortex flow imaging problem and elasticity imaging
study. They were performed for an industry-university cooperation research, by the demands
in healthcare or by the demands in ultrasound imaging industry.

6.1. LV motion tracking problem. We consider a problem on LV motion tracking and its
solutions through mathematical models. The LV motion should be observed and analyzed
for evaluations of ventricular systolic/diastolic function, subclinical disease including amyloi-
dosis, LV hypertrophy and hypertrophic cardiomyopathy, coronary artery disease, and so on.
Typically, LV motion tracking is performed by observing speckle pattern. Speckle is inherent
appearance in ultrasound imaging and its local brightness reflects the local echogeneity of the
underlying scatterers. We introduce a case of overcoming limitation in LV motion tracking
problem.

6.1.1. Commonly used LV tracking methods and their limitations.Among various LV motion
tracking methods such as deformable models, statistical methods, classification methods and
so on, we can use optical flow methods. Optical flow methods arebased on the assumption that
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that the intensity of a moving object is constant over time. Let I(r, t) represent the intensity
of echocardiography at the locationr = (x, y) and the timet. Then the noisy time-varying
imagesI(r, t) approximately satisfy

u(r, t) · ∇I(r, t) +
∂

∂t
I(r, t) ≈ 0, (6.1)

whereu(r, t) is the velocity or displacement vector to be estimated. Especially, Lucas and
Kanade [48] used the locally constant motion to compute the velocity u(r0, t) at a target
location r0 = (x0, y0) and timet by forcing constant velocity in a local neighborhood of
r0 = (x0, y0) denoted byN (r0). Following them, Barronet al. [49] proposed an improved
model to estimate the velocityu(r0, t) by minimizing the weighted least square criterion in the
neighborhoodN (r0):

u(r0, t) := argmin
u

∫

N (r0)

[

w(r− r0)

(

u(r, t) · ∇I(r, t) +
∂

∂t
I(r, t)

)2
]

dr, (6.2)

wherew is a weight function.
On the other hand, region-based method (also known as the block matching or pattern match-

ing method) can be also used as the LV motion tracking. Duanet al. [50] used the region-based
method with cross-correlation coefficient as similarity measure as follows. For given two con-
secutive imagesI(·, t) andI(·, t +∆t), the displacementu(r, t) at each positionr and timet
is estimated by maximizing the cross-correlation coefficient:

u(r0, t) := argmax
u







∫

N (r0)
[I(r, t)I(r + u, t+∆t)]dr

√

∫

N (r0)
[I(r, t)]2dr

√

∫

N (r0)
[I(r+ u, t+∆t)]2dr







. (6.3)

However, there often exist some incorrectly tracked pointsin practical environment due to ul-
trasound artifacts, dropouts, or shadowing phenomena of cardiac wall [51]. It is problematic
to track the LV border in ultrasound images with unclear speckle pattern or weak signals. In
order to overcome this problems, Ahn [52] proposed a mathematical model for robust myocar-
dial border tracking by considering an affine transformation to describe a global motion that is
synthesized by integrating local deformations.

6.1.2. A mathematical modelling for robust LV tracking.We denote the LV border traced at
initially selected frame by a parametric contourC∗ = {r∗(s) = (x∗(s), y∗(s)) | 0 ≤ s ≤ 1}
that can be identified as itsn tracking pointsr∗1 = r

∗(s1), · · · , r
∗
n = r

∗(sn). Here,0 =
s1 < s2 < · · · < sn = 1. Let C(t) = {r(s, t) = (x(s, t), y(s, t)) | 0 ≤ s ≤ 1} be
the contour deformed fromC(0) = C∗ at time t. The motion of the contourC(t) will be
determined by an appropriately chosen velocityU(t) indicating a time change of tracking
points(r1(t), · · · , rn(t)):

U(t) :=







1(t)
...

n(t)






=

d

dt







r1(t)
...

rn(t)






with







r1(0)
...

rn(0)






=







r
∗
1
...
r
∗
n
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Here, we identify the contourC(t) with tracking points(r1(t), · · · , rn(t)). We computeU(t)
for each timet by minimizing the following energy functional reflecting local-to-global defor-
mation:

Et(U) :=
1

2

n
∑

i=1











∫

N (ri(t))
w(r′ − ri(t))

{

ui · ∇I(r′, t) + ∂
∂tI(r

′, t)
}2

dr′

+λ

∣

∣

∣

∣

ri(t) + ui −

[

a1(U) a2(U)
a3(U) a4(U)

]

r
∗
i −

[

a5(U)
a6(U)

]∣

∣

∣

∣

2











(6.4)

whereλ is a nonnegative parameter and the affine coefficientsa1(U), · · · , a6(U) at timet are
given by




a1(U) a3(U)
a2(U) a4(U)
a5(U) a6(U)



 =
(

Φ(C∗)TΦ(C∗)
)−1

Φ(C∗)T







(r1(t) + u1)
T

...
(rn(t) + un)

T






, Φ(C∗) :=







r
∗
1
T 1
...

...
r
∗
n
T 1






.

This study has been performed as an industry-university cooperation research. Based on the
proposed model, LV tracking methods of improved performance are being developed.

6.2. A new imaging mode: vortex flow imaging. Vortex flow imaging has recently attracted
much attention as a new application for evaluating blood flow[53–55], because it visualizes
and quantifies time-varying blood flow inside LV using available ultrasound data. It has shown
the potential possibility and availability for evaluatingblood flow. In order to compute the
velocity fields of blood flow, it is required to model blood flowbased on fluid equation.

6.2.1. A reconstruction problem of blood flow.With echo-PIV(particle image velocimetry)
[56, 57] being representative, there are several methods tocompute and visualize the velocity
fields of blood flow inside LV. Echo-PIV is based on optical flowmethods tracking the speckle
patterns of blood flow to estimate blood motion. However, Echo-PIV is not completely nonin-
vasive because it requires the intravenous injection of a contrast agent to obtain images suitable
for the speckle tracking algorithm. To develop less invasive techniques, methods to reconstruct
blood flows from color Doppler images have been proposed [58–63]. We represent mathe-
matical models to reconstruct the velocity of blood flow, especially using color Doppler data
reflecting one-directional velocity components of blood flow along scanlines.

6.2.2. A mathematical modelling of 3D blood flow.Let D be a 3D imaging domain,Ω(t) a
time-varying LV region satisfyingΩ(t) ⊆ D ⊆ R

3, andT a beat cycle. For the beat cycleT ,
we consider a spatial-temporal domainΩT defined byΩT :=

⋃

0<t<T

Ω(t)× {t} ⊆ D × (0, T ).

Let v(r, t) be a velocity field of the blood flow inΩt ∈ ΩT at timet. Then the fluid equations
governing the blood flowv is given by the 3D incompressible Navier-Stokes equations:







ρ̃

(

∂v

∂t
+ v · ∇v

)

= −∇p+ µ̃∇2
v in Ωt,

∇ · v = 0 in Ωt.

(6.5)
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In order to solve (6.5), we need proper boundary conditions or some conditions based on
ultrasound measurement data as follows:

Let a(r) be scanline directional unit vector at the positionr ∈ D andD(r, t) color Doppler
image inΩt. GivenD(r, t), we then consider an inverse problem to find a 3D vector field
v = (u, v, w) satisfying the following condition:

a(r) · v(r, t) = D(r, t). (6.6)

However, in clinical practice, it is currently very difficult to acquire 3D color Doppler images
given by (6.6). A mathematical model appropriate to the measurements on 2D ultrasound
imaging should be considered.

6.2.3. A reconstruction model with mass-source term.Janget al. [64] suggested a 2D re-
construction model using incompressible Navier-Stokes equations with mass-source terms to
reflect 3D motion of blood flow as the following: LetD be a 2D imaging domain andΩ(t)
the cross-section of the LV region in the A3CH view so that they satisfyΩ(t) ⊆ D ⊆ R

2 and
v(x, t) = (u(x, t), v(x, t)) the velocity fields of flow at the positionx ∈ D and timet. Then
the fluid equations governing the blood flow on the imaging planeD are modeled as































∂u

∂t
+ u

∂u

∂x
+ v

∂u

∂y
= −

1

ρ̃

∂p

∂x
+

µ̃

ρ̃
∇2u+

µ̃

3ρ̃2
∂s

∂x
,

∂v

∂t
+ u

∂v

∂x
+ v

∂v

∂y
= −

1

ρ̃

∂p

∂y
+

µ̃

ρ̃
∇2v +

µ̃

3ρ̃2
∂s

∂y
,

∂u

∂x
+

∂v

∂y
=

s

ρ̃
,

(6.7)

We note that this model (6.7) is equivalent to a 2D incompressible flow having a source-sink
distributions(x, t) [65]. In order to solve (6.7), we consider color Doppler images measured
practically in the imaging planeD. We set the 3D coordinate system for thexy-plane to contain
Ω(t) and thez-axis to be normal to this plane. LetD(x, t) be the measured color Doppler data,
expressed as the inner product of the scanline vector and thevelocity vector

D(x, t) = (a1(x), a2(x)) · (u(x, t), v(x, t)). (6.8)

Therefore, we obtain a mathematical problem to findv satisfying (6.7) and (6.8) simultane-
ously. Some numerical simulations are performed for solving the given problem and validating
the proposed mathematical model.

6.3. Acoustic radiation force-based elastography.Acoustic radiation force(ARF) is caused
by absorbed ultrasound wave energy while ultrasound wave propagates through soft tissues.
The absorbed energy accumulates in tissue and it generates volume force in the propagation
direction of ultrasound beam. This ARF technique enables inducing stress at desired position
and measuring response to the stress with a single ultrasound system, whereas other elastogra-
phy techniques require manual push or additional devices toinduce stress or shear waves [66].
We consider ARF-based shear wave elasticity imaging (SWEI)that maps tissue elasticity by
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measuring the propagation speed of shear waves generated byARF. The propagation speedc
is expressed as

c =

√

µ

ρ
,

whereµ andρ are the shear modulus and density of tissue, respectively. We note that tissue
elasticity can be quantified by estimatingc.

FIGURE 5. A description of elasticity imaging using shear wave. Thepropa-
gation of shear wave is observed through ultrasound images,acquired from a
research ultrasound system E-CUBE 12R (Alpinion, Korea).

6.3.1. Mathematical model.An inverse problem for ARF-based ultrasound elastography is to
reconstruct the shear modulusµ from the measured axial movementw which satisfies

ρ
∂2w

∂t2
= µ∇2w + fz in R

3 × (0, T ), (6.9)

wherefz is induced ARF in the axial direction, that is, the vertical direction in imaging planes
shown in Fig. 5. Note that the excitationfz and the induced displacementw are not time-
harmonic. Let supp(fz) be the support offz in the spatio-temporal domain. Then, we assume
that supp(fz) is given because it is possible to change a focal point for inducing ARF. More-
over, we assume thatfz = 0 out of supp(fz) to avoid the difficulty in quantifyingfz due
to the uncertainty of medium [67]. Then, the inverse problemis formulated as a problem to
reconstruct the shear modulusµ from the measured axial movementw satisfying

ρ
∂2w

∂t2
= µ∇2w in (R3 × (0, T )) \ supp(fz). (6.10)
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Nightingaleet al. [68] suggested the algebraic inversion of the equation in (6.10) to estimate
µ
ρ :

µ

ρ
=

∂2w
∂t2

∇2w
(6.11)

However, it could be unstable since numerical approximation of second-order derivatives in
(6.10) are sensitive to noise. In many approaches, wave propagation speed is estimated by
computingµ

ρ instead of the direct inversion [46,47,69].

t

w(r, t)

r

A

B

C

Tx

Tz

c =
cxcz

√

c2x + c2z
cx =

|rA − rB|

Tx
cz =

|rA − rC |

Tz

Wavefronts

A B

C

c

cx

cz

FIGURE 6. Illustration of time delaysTx and Tz for estimating the lateral
speedcx and axial speedcz of shear wave propagation.

We consider time delay to estimate the shear wave propagation speed. As shown in Fig. 6,
let Tx be the time delay, that is, the difference between arrival times of the displacement signal
by shear wave propagation at two positionsA andB placed on a lateral line. Then the shear
wave propagation speedcx in the lateral direction is given by

cx =
|rA − rB |

Tx
, (6.12)

whererA andrB are the coordinates ofA andB, respectively. Therefore,Tx is computed by

Tx = arg max
τ∈(0,T )

∫ T

0
w(x1, t)w(x2, t− τ)dt. (6.13)

Since the wave propagation direction may not be parallel to the lateral direction (Fig. 6) in
many cases of ARF-based excitation, we deal with the shear wave propagation speedcz in the
axial direction. Likewise, letTz be the time delay, that is, the difference between arrival times
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of the displacement signal by shear wave propagation at two positionsA andC placed on a
axial line. Thencz is expressed as

cz =
|rA − rC |

Tz
, (6.14)

whererC is the coordinate ofC. From cx and cz, we can compute the propagation speed
velocity c [70]:

c =
cxcy

√

c2x + c2z
. (6.15)
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FIGURE 7. A simple description of TOF approach. The disturbance of blue
curve corresponds to the displacement at offset from the source. Arrival time
of the wave-front is tracked by the red line.

6.3.2. Eikonal equation-based approaches.As illustrated in Fig. 7, wave propagation speed
can be estimated from the slope between offset position and arrival time of wave-front. The
propagation speedc can be estimated by the gradient of arrival timeT using the Eikonal equa-
tion [71]:

|∇T | =
1

c
, (6.16)

whereT (r) is defined by

T (r) = inf{t > 0 : |w(r, t)| > 0}. (6.17)

In a realistic case,T (r) is estimated by using a fixed thresholdδ above a noise level of the
estimatedw(r, t) [72]:

T (r) ≈ inf{t > 0 : |w(r, t)| > δ}. (6.18)

As an alternative way, the biased cross-correlationC is suggested by McLaughlinet al. [73]

T (r) ≈ arg max
τ∈(0,T )

1

T

∫ T

0
w(rref, t)w̃(r, t− τ)dt for rref a reference point, (6.19)
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where

w̃(r, t) =











w(r, t) if 0 ≤ t ≤ T,

w(r, t − T ) if t ≥ T,

w(r, t + T ) if t ≤ 0.

(6.20)

7. CURRENT HOT TOPICS ANDCHALLENGING ISSUES

In this section, we introduce current hot topics in ultrasound imaging, especially in the
domestic ultrasound industry. Samsung Medison, a global medical equipment company and a
leading domestic company, has recently published some white papers [74–80] on: S-Detect

TM
,

5D CNS, E-Thyroid
TM

, E-Breast
TM

(breast ElastoScan
TM

), S-Shearwave, Aterial Analysis, and
so on. The white papers report the advantages and shortcomings of each technology.

7.1. Hot topics in ultrasound imaging.

• S-Detect
TM

is a software analyzing the features of lesions and assessing the possibility
of malignancy. It uses a machine learning-based algorithm [81]. By showing excellent
agreement of91.2% with the assessment of breast dedicated radiologist in interpreting
the breast mass, it is suggested as a good decision-making support for the beginners
or non-breast radiologists. However, with the sensitivityof 84.6% at the same time, it
missed two breast cancers of relatively circumscribed isoechoic and hypoechoic masses
with suspicious clinical findings. Therefore, it is reported that circumscribed malignant
masses may be remained as the limitation of S-Detect

TM
and S-Detect

TM
is not available

to find subtle suspicious features [74].
• A semi-automatic method is proposed for biometric measurements of fetal central ner-

vous system(CNS) from 3D ultrasound volume data of brain. Itreduce the number of
operations and examination time. Its high success rate>90% is reported under clinical
evaluation [75].

• E-Thyroid
TM

uses carotid artery pulsation, not external compression byfree hands, as a
compression source. While E-Thyroid

TM
effectively differentiates malignant from be-

nign in most thyroid nodules including calcified nodule, theextreme location of a nod-
ule in the tyroid can affect the results [76].

• E-Breast
TM

is helpful for characterizing different regions as a complementary diagnostic
imaging technology, based on strain imaging technique. However, it would be impor-
tant not to evaluate a lesion from an isolated manner with strain ratio generated from
E-Breast

TM
[77].

• S-Shearwave is a technology enabling quantitative analysis of tissue stiffness for as-
sessing liver fibrosis. Unlike the color map used in the conventional elasticity imaging,
S-Shearwave displays the stiffness value and Reliable Measurement Index(RMI) for
the region of interest [78].

Among them, S-Detect
TM

, 5D CNS and Aterial Analysis are CADe/CADx softwares. There
are numerous demands of CADe and CADx for many medical imaging methodologies [82–85]
as well as ultrasound [86–88]. According to the applications, CADe is implemented by various
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image processing methods: histogram-based thresholding and active contours for segmenting
anomaly [83], neural network-based approaches for robust segmentation [89–91]. In the lit-
eratures [86, 87], it is reported that neural network and support vector machine techniques are
used for CADx.

On the other hand, currently commercialized elasticity imaging modes:E-Thyroid
TM

, E-
Breast

TM
, S-Shearwave [76–78] are commonly used as a complementary diagnostic tool. It

is required to quantify more accurately the stiffness of tissues.
Fusion imaging techniques have been used for volume navigation of 2D ultrasound images

within other 3D CT or MR images. In order to register different images acquired from med-
ical imaging modalities, the fusion imaging techniques have been developed with the help of
landmarks, position sensors, or electromagnetic needle tracking [92–94]. As real-time 3D ul-
trasound imaging becomes feasible, fusion imaging technique for 3D volume data is considered
as a promising tool for computer-aided surgery [94–96]. In 3D fusion imaging, external devices
such as landmarks, position sensors or electromagnetic needle tracking can be removed [97,98].
Samsung Medison developed the fusion imaging techniques called S-Fusion.

Additionally, we introduce some issues in ultrasound imaging, related to mathematical mod-
elling, numerical solutions, image processing and visualization.

7.2. Issues on LV tracking methods.

• Real-time 3D ultrasound imaging is capable of providing good 3D visualization of or-
gans. However, its resolution is not good enough to discriminate features smaller than
a few millimeters and LV tracking methods based on speckles are not appropriate to
be applied to 3D ultrasound images. We can consider 3D LV tracking by constructing
the motion of 3D LV shape from 2D LV borders, which are extracted by applying LV
tracking methods to multiple 2D echocardiography data. Howcan we model the rela-
tionship between the change of LV borders observed on 2D echocardiography and the
3D LV shape?

• LV motion tracking methods include inevitable limitation on 2D echocardiography
because of the helical structure of cardiac ventricular anatomy. For a heartbeat cycle,
it is difficult to track a portion of LV border designated at the initial stage on a 2D
ultrasound image. In fact, it gets out of the imaging plane. How can we model the
relationship between the change of LV borders observed on 2Dechocardiography and
the 3D helical behavior of cardiac motion?

7.3. Issues on vortex flow imging.

• Vortex flow imaging consists of defining LV geometry from echocardiographic images
and reconstructing the velocity field of blood flow in the moving LV region. Let us
assume that the acquisition of 3D color Doppler imaging at high frame rate is available.
Can we model an inverse problem for reconstructing the 3D velocity field of blood flow
from the partial velocity information obtained through the3D color Doppler images?
[99].
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7.4. Issues on elasticity imaging.

• Inherent low SNR of the estimatedw makes the direct inversion (6.11) difficult so that
many models reconstructingc are based on the time-of-flight(TOF)-based approaches.
However, they do not fully guarantee stability in practicalsituations since the inverse
of time-delay or|∇T | are still necessary for the speed estimation. In order to overcome
the problem, Wanget al. suggest a fitting model for the estimatedT (r) [100]

T (r) = β · r+ t0, (7.1)

wheret0 is a fitting parameter andβ a fitting parameter vector satisfying

|β| = c. (7.2)

However, in inhomogeneous medium, the fitting model (7.1) could not describeT (r)
properly because refraction on the boundary between different tissues makes non-linear
distortion of arrival-time. We need a modified fitting model for T (r) which assumes
the presence of anomaly.

8. CONCLUSION

Ultrasound imaging industry is very promising in terms of technology advancements as well
as the market size and growth. Like in other industries, the ultrasound imaging technologies
have been advanced and innovated throughMathematics. In this article, we described the his-
tory of ultrasound imaging, its basic principle, its diagnostic applications, domestic-industrial
products, practical use of mathematics, hot topics and challenging issues related to ultrasound
imaging. Through them, we confirmed thatMathematicshas been used commonly as mathe-
matical modelling, numerical solutions and visualization, combined with science, engineering
and medicine in ultrasound imaging.

The practical use ofMathematicsin ultrasound imaging requires the understanding of human
body and imaging system overall. Based on that understanding, we should perform physics-
based mathematical modelling, deal with the measurement data acquired through ultrasound
imaging systems and solve various problems and challengingissues in ultrasound imaging.

Currently, there are still numerous demands of technology advancements in healthcare and
ultrasound imaging industry, especially in domestic ultrasound industry. As we have seen be-
fore, Mathematicscan contribute to the advances and innovation of ultrasoundimaging tech-
nology. We hope many mathematicians contribute much to ultrasound technology innovation.
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ABSTRACT. The heat and mass transfer characteristics of the unsteadyhydromagnetic natural
convection flow with Hall current and Soret effect of an incompressible, viscous, electrically
conducting, heat absorbing and optically thin radiating fluid flow past a suddenly started ver-
tical infinite plate through fluid saturated porous medium ina rotating environment are taken
into account in this paper. Derivations of exact analyticalsolutions are aimed under different
physical properties. The velocity, concentration and temperature profiles, Sherwood number
and Nusselt number are easily examined and discussed via theclosed forms obtained. Soret
effect and permeability parameter tends to accelerate primary and secondary fluid velocities
whereas hall current, radiation and heat absorption have reverse effect on it. Radiation and heat
absorption have tendency to enhance rate of heat transfer atthe plate. The results obtained here
may be further used to verify the validity of obtained numerical solutions for more complicated
transient free convection fluid flow problems.

NOMENCLATURE

u∗ fluid velocity inx∗ direction DT thermal diffusivity t∗ time
w∗ fluid velocity inz∗ direction q∗r radiating flux vector T ∗ fluid temperature
g acceleration due to gravity m hall current parameter
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K∗

1 permeability of porous medium kT thermal conductivity of the fluid
B0 uniform magnetic field C∗ species concentration
cp specific heat at constant pressure Q0 heat absorption coefficient
K∗

r chemical reaction parameter T ∗

w temperature of the wall
C∗

w concentration of the wall T ∗

∞
fluid temperature in the free stream

C∗

∞
species concentration in the free streamU(t∗) time dependent velocity

a∗ mean absorption coefficient Gr thermal Grashof number
Gm Solutal Grashof number Pr Prandtl number
R1 non dimensional constant Kr Chemical reaction number
R Radiation parameter K2 Rotation parameter
M Magnetic parameter DM chemical molecular diffusive
Sc Schmidt number K1 Permeability parameter
S0 Soret number t0 characteristic time
U0 characteristic velocity

GREEK SYMBOLS
ρ fluid density βT coefficient of thermal expansion
βC coefficient expansion for species concentrationΩ uniform angular velocity
σ electrical conductivity ν kinematic coefficient of viscosity
ωe cyclotron frequency τe electron collision time
σ∗ Stefan–Boltzmann constant φ Heat absorption parameter

1. INTRODUCTION

In recent years, the problems of hydromagnetic free convective and heat transfer flow in a
porous medium plays an important role in several scientific and industrial processes such as
problems of boundary layer flow control, plasma studies, thermo nuclear fusion, furnace de-
sign, geothermal energy extraction, metallurgy, chemical, mineral and petroleum engineering,
solar power technology etc. and on the performance of so manyengineering devices using
electrically conducting fluids, namely, MHD accelerators,MHD generators, nuclear reactors,
MHD pumps, MHD flow-meters, plasma jet engines, etc. Raptis and Kafousias [1] investi-
gated Magnetohydrodynamic free convection flow and mass transfer through porous medium
bounded by an infinite vertical porous plate with constant heat flux. Raptis [2] discussed free
convection and mass transfer effects on the oscillatory flowpast an infinite moving vertical
isothermal plate with constant suction and heat sources. Unsteady hydromagnetic free convec-
tion flow with Hall current mass transfer and variable suction through a porous medium near an
infinite vertical porous plate with constant heat flux was studied by Sattar [3]. Lai and Kulacki
[4] analyzed Non-Darcy mixed convection along a vertical wall in a saturated porous medium.
Comprehensive reviews of natural convection boundary layer flow over various geometrical
bodies with heat and mass transfer in porous and non-porous media are well documented by
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Eckert and Drake [5], Gebhartet al. [6], Nield and Bejan [7], Pop and Ingham [8] and In-
croperaet al. [9]. Sethet al. [10] investigated on effects of hall current on hydromaggnetic
free convection flow with heat and mass transfer of a heat absorbing fluid past an impulsively
moving vertical plate with ramped temperature.

Moreover, the chemical reaction, heat and mass transfer on MHD flow over a vertical stretch-
ing surface with heat source and thermal stratification havebeen presented by Kandasamyet
al. [11]. Dursunkaya and Worek [12] analyzed diffusion-thermo and thermal diffusion effects
in transient and steady natural convection from vertical surface. Postelnicu [13] studied the
influence of a magnetic field on heat and mass transfer by natural convection from vertical sur-
faces in porous media considering soret and dufour effects.Alam and Rahman [14] considered
dufour and soret effects on MHD free convective heat and masstransfer flow past a vertical flat
plate embedded in a porous medium.

It is observed that when the density of an electrically conducting fluid is low and/or applied
magnetic field is strong, Hall current is produced in the flow-field which plays an important role
in determining flow features of the problems because it induces secondary flow in the flow-field.
Keeping in view this fact, significant investigations on hydromagnetic free convection flow
past a flat plate with Hall effects under different thermal conditions are carried out by several
researchers in the past. Mention may be made of the research studies of Pop and Watanabe
[15], Abo-Eldahab and Elbarbary [16], Takharet al. [17] and Sahaet al. [18]. It is worthy to
note that Hall current induces secondary flow in the flow-fieldwhich is also the characteristics
of Coriolis force. Therefore, it becomes very important to compare and contrast the effects
of these two agencies and also to study their combined effects on such fluid flow problems.
Satya Narayanaet al. [19] studied the effects of Hall current and radiation–absorption on
MHD natural convection heat and mass transfer flow of a micropolar fluid in a rotating frame
of reference. Sethet al. [20] investigated effects of Hall current and rotation on unsteady
hydromagnetic natural convection flow of a viscous, incompressible, electrically conducting
and heat absorbing fluid past an impulsively moving verticalplate with ramped temperature in
a porous medium taking into account the effects of thermal diffusion.

Al-Odat and Al-Azab [21] studied the influence of magnetic field on unsteady free convec-
tive heat and mass transfer flow along an impulsively startedsemi-infinite vertical plate taking
into account a homogeneous chemical reaction of first order.The effect of radiation on the heat
and fluid flow over an unsteady stretching surface has been analyzed by El-Aziz [22]. Singh
et al. [23] studied the heat transfer over stretching surface in porous media with transverse
magnetic field. Singhet al. [24] and [25] also investigated MHD oblique stagnation-point flow
towards a stretching sheet with heat transfer for steady andunsteady cases. Elbashbeshyet
al. [26] investigated the effects of thermal radiation and magnetic field on unsteady bound-
ary layer mixed convection flow and heat transfer problem from a vertical porous stretching
surface. The opposing buoyancy effects on simultaneous heat and mass transfer by natural
convection in a fluid saturated porous medium investigated by Angirasaet al. [27]. Ahmed
[28] investigates the effects of unsteady free convective MHD flow through a porous medium
bounded by an infinite vertical porous plate. Ahmed Sahin [29] studied the Magneto hydrody-
namic and chemical reaction effects on unsteady flow, heat and mass transfer characteristics in
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a viscous, incompressible and electrically conduction fluid over a semi-infinite vertical porous
plate in a slip-flow regime. Recently, Venkateswarluet al. [30-35] investigated heat and mass
transfer effects on convective MHD flows through porous medium in presence of thermal radi-
ation and chemical reaction.

The objective of the present investigation is to study an unsteady natural convection flow of a
viscous, incompressible and electrically conducting fluidwith radiative heat and mass transfer
past an impulsively moving vertical plate embedded in a fluidsaturated porous medium taking
into account the effects of the thermal diffusion, hall current, rotation, chemical reaction and
thermal radiation.

The rest of the present paper is arranged in the following fashion. The problem is formulated
in section 2. Analysis of the existence of unique exponential type solutions are given in section
3. Results and discussions in section 4 are followed by the concluding remarks in section 5.

2. FORMATION OF THE PROBLEM

FIGURE 1. Physical model and coordinate system
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We consider unsteady MHD natural convection flow of an incompressible, viscous, electri-
cally conducting and temperature dependent heat absorbingand optically thin radiating fluid
past a moving infinite vertical plate embedded in a porous medium taking Soret and Hall effects
into account. Select the coordinate system in such way thatx∗-axis is along the length of the
plate in the upward direction andy∗-axis normal to the plane of the plate in the fluid. A uniform
transverse magnetic fieldB0 is applied parallel toy∗-axis. Both the fluid and plate are in rigid
body rotation with uniform angular velocityΩ abouty∗-axis. Initially i.e. at timet∗ ≤ 0, both
the fluid and plate are at rest and at uniform temperatureT ∗

∞
. Also species concentration within

the fluid is maintained at uniform concentrationC∗

∞
. At time, t∗ > 0 plate starts moving with

time dependent velocityU(t∗) in x∗ direction and temperature of the plate is raised or lowered
to T ∗

∞+(T ∗
w−T ∗

∞)t∗

t0
whent∗ ≤ t0, and thereafter, i.e. att∗ > t0 plate is maintained at uniform

temperatureT ∗

w. Also, at timet∗ > 0 species concentration at the surface of the plate is raised
to uniform species concentrationC∗ = C∗

w and is maintained thereafter. Geometry of the flow
problem is presented in Fig. 1. Since plate is of infinite extent alongx∗ andz∗ directions and is
electrically non-conducting, all physical quantities depend ony∗ andt∗ only. It is assumed that
the induced magnetic field produced by fluid motion is negligible in comparison to the applied
one. This assumption is valid because magnetic Reynolds number is very small for metallic
liquids and partially ionized fluids [36]. Also no external electric field is applied so the effect
of polarization of fluid is negligible.

Keeping in view of the above assumptions, the governing equations for unsteady MHD
natural convection flow of a viscous, incompressible, electrically conducting and temperature
dependent heat absorbing and optically thin heat radiatingfluid in a uniform porous medium
taking Hall current, Soret, Rotation and Chemical reactioneffects into account are given by

Continuity equation:
∂v∗

∂y∗
= 0 (2.1)

Momentum conservation equations:

∂u∗

∂t∗
+ 2Ωw∗ = ν

∂2u∗

∂y∗2
−

σB2
0

ρ

[

u∗ +mw∗

1 +m2

]

+ gβT (T ∗
− T ∗

∞
)

+ gβC (C∗
− C∗

∞
)− ν

u∗

K∗

1

(2.2)

∂w∗

∂t∗
− 2Ωu∗ = ν

∂2w∗

∂y∗2
+

σB2
0

ρ

[

mu∗ − w∗

1 +m2

]

− ν
w∗

K∗

1

(2.3)

Energy conservation equation:

∂T ∗

∂t∗
=

kT

ρcp

∂2T ∗

∂y∗2
−

Q0

ρcp
(T ∗

− T ∗

∞
)−

1

ρCp

∂q∗r
∂y∗

(2.4)

Mass diffusion equation:

∂C∗

∂t∗
= DM

∂2C∗

∂y∗2
+DT

∂2T ∗

∂y∗2
−K∗

r (C
∗
− C∗

∞
) (2.5)
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wherem = ωeτe is the Hall current parameter,u∗− fluid velocity inx∗− direction,w∗− fluid
velocity alongz∗ direction,g− acceleration due to gravity,ρ− fluid density,βT− coefficient
of thermal expansion,βC− coefficient of concentration expansion,t∗− time,Ω− angular ve-
locity, K∗

1− permeability of porous medium,B0− magnetic induction,T ∗− fluid temperature,
kT− thermal conductivity,C∗− species concentration,σ− electrical conductivity,cp− specific
heat at constant pressure,DM− chemical molecular diffusivity,DT− thermal diffusivity,q∗r−
radiating flux vector,ν− kinematic coefficient of viscosity,Q0− heat absorption coefficient,
K∗

r− chemical reaction parameter,ωe− cyclotron frequency andτe− electron collision time
respectively.

The initial and boundary conditions for the fluid flow problemare given below

u∗ = w∗ = 0, T ∗ = T ∗

∞
, C∗ = C∗

∞
at y∗ ≥ 0 and t∗ ≤ 0

u∗ = U(t∗), w∗ = 0, C∗ = C∗

w at y∗ = 0 and t∗ > 0

T ∗ = T ∗
∞+(T ∗

w−T ∗
∞)t∗

t0
at y∗ = 0 and 0 < t∗ ≤ t0

T ∗ = T ∗

w at y∗ = 0 and t∗ > t0
u∗ → 0, w∗ → 0, T ∗ → T ∗

∞
, C∗ → C∗

∞
as y∗ → ∞ and t∗ > 0























(2.6)

whereT ∗

w− temperature of the wall,C∗

w− concentration of the wall,T ∗

∞
− fluid temperature

in the free stream,C∗

∞
−species concentration in the free stream andU(t∗)− time dependent

velocity respectively.
In the case of an optically thin gray fluid the local radiant [37] absorption is expressed as

∂q∗r
∂y∗

= −4a∗σ∗
(

T ∗4
∞

− T ∗4
)

(2.7)

wherea∗ is mean absorption coefficient andσ∗ is Stefan–Boltzmann constant.
It is assumed that the temperature difference within the fluid flow is sufficiently small such

that the fluid temperatureT ∗4 may be expressed as a linear function of the temperature. This
is accomplished by expandingT ∗4 in a Taylor’s series about free stream temperatureT ∗

∞
. By

neglecting second and higher order terms,T ∗4 is expressed as,

T ∗4
≈ 4T ∗3

∞
T ∗

− 3T ∗4
∞

(2.8)

Using the equations (2.7) and (2.8) in the last term of equation (2.4) we obtain

∂T ∗

∂t∗
=

kT

ρcp

∂2T ∗

∂y∗2
−

Q0

ρcp
(T ∗

− T ∗

∞
)−

16a∗σ∗T ∗3
∞

ρCp

(T ∗
− T ∗

∞
) (2.9)

In order to write the governing equations and the boundary conditions in dimensional form,
the following non-dimensional quantities are introduced.

y =
y∗

U0t0
, u =

u∗

U0
, w =

w∗

U0
, t =

t∗

t0
, T =

T ∗ − T ∗

∞

T ∗

w − T ∗

∞

, C =
C∗ − C∗

∞

C∗

w − C∗

∞

(2.10)

Equations (2.2), (2.3), (2.5), and (2.9) reduce to the following dimensional form.

∂u

∂t
+ 2K2w =

∂2u

∂y2
−

M(u+mw)

1 +m2
+GrT +GmC −

u

K1
(2.11)
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∂w

∂t
− 2K2u =

∂2w

∂y2
+

M(mu− w)

1 +m2
−

w

K1
(2.12)

∂T

∂t
=

1

Pr

∂2T

∂y2
− (R + φ)T (2.13)

∂C

∂t
=

1

Sc

∂2C

∂y2
+ S0

∂2T

∂y2
−KrC (2.14)

whereK2 = Ων
U2

0

is the rotation parameter,M =
σB2

0
ν

ρU2

0

is the magnetic parameter,K1 =
K∗

1
U2

0

ν2

is the permeability parameter,Gr = gβT ν(T ∗
w−T ∗

∞)
U3

0

is the thermal Grashof number,Gm =

gβCν(C∗
w−C∗

∞)
U3

0

is the Solutal Grashof number,Pr = νρcp
kT

is the Prandtl number,R = 16a∗σ∗νT ∗
∞

ρcpU2

0

is the radiation parameter,φ = νQ0

ρcpU
2

0

is the heat absorption parameter,Sc = ν
DM

is the Schmidt

number,S0 = DT (T ∗
w−T ∗

∞)
ν(C∗

w−C∗
∞) is the Soret number,Kr = K∗

r ν

U2

0

is the chemical reaction number

respectively.
It is noticed that characteristic timet0 may be defined according to the non-dimensional

method mentioned above as

t0 =
ν

U2
0

(2.15)

whereU0 is characteristic velocity.
The initial and boundary conditions, presented by equation(2.6) reduced to the following

non-dimensional form

u = 0, w = 0, T = 0, C = 0 at y ≥ 0 and t ≤ 0
u = f(t), w = 0, C = 1 at y = 0 and t > 0
T = t at y = 0 and 0 < t ≤ 1
T = 1 at y = 0 and t > 1
u → 0, w → 0, T → 0, C → 0 asy → ∞ and t > 0























(2.16)

wheref(t) = U(t∗)
U0

.
By combining the equations (2.11) and (2.12), we obtain

∂F

∂t
− 2iK2F =

∂2F

∂y2
−

F

K1
−NF +GrT +GmC (2.17)

whereF = u+ iw andN = M
1+im

.
The initial and boundary conditions, presented by equation(2.16), in compact form, are

given by
F = 0, T = 0, C = 0 at y ≥ 0 and t ≤ 0
F = f(t), C = 1 at y = 0 and t > 0
T = t at y = 0 and 0 < t ≤ 1
T = 1 at y = 0 and t > 1
F → 0, T → 0, C → 0 asy → ∞ and t > 0























(2.18)
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In order to investigate the flow features of the fluid generated due to uniformly accelerated
movement of the plate, we considerf(t) = R1t, whereR1-a non-dimensional constant.

It is now important to calculate physical quantities of primary interest, which are the local
wall shear stress or skin friction coefficient, the local surface heat flux and the local surface
mass flux. Given the velocity, temperature and concentration fields in the boundary layer, the
shear stressτw, the heat fluxqwand mass fluxjw are obtained by

τw = µ

[

∂F

∂y

]

y=0

(2.19)

qw = −α

[

∂T

∂y

]

y=0

(2.20)

jw = −Dm

[

∂C

∂y

]

y=0

(2.21)

In non-dimensional form the skin-friction coefficientCf , heat transfer coefficientNu and mass
transfer coefficientSh are defined as

Cf =
τw

ρν2
(2.22)

Nu =
ν

Uo

qw

kT (T ∗

w − T ∗

∞
)

(2.23)

Sh =
ν

Uo

jw

Dm (C∗

w − C∗

∞
)

(2.24)

Using non-dimensional variables in equation (2.10) and equations (2.19) to (2.21) into equa-
tions (2.22) to (2.24), we obtain the physical parameters

Cf =

[

∂F

∂y

]

y=0

(2.25)

Nu = −

[

∂T

∂y

]

y=0

(2.26)

Sh = −

[

∂C

∂y

]

y=0

(2.27)

3. SOLUTION OF THE PROBLEM

Equations (2.13), (2.14) and (2.17) are coupled, nonlinearpartial differential equations and
these cannot be solved in closed form. So, we reduced these nonlinear partial differential
equations into a set of ordinary differential equations, which can be solved analytically. This
can be done by assuming the trial solutions for the velocity,temperature and concentration of
the fluid as

F (y, t) = F0(y) + ε exp (iωt)F1(y) + o
(

ε2
)

+ ............ (3.1)

T (y, t) = T0(y) + ε exp (iωt)T1(y) + o
(

ε2
)

+ ............ (3.2)
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C(y, t) = C0(y) + ε exp (iωt)C1(y) + o
(

ε2
)

+ ............ (3.3)

whereω is frequency of oscillation andε << 1.
Substituting (3.1), (3.2), and (3.3) in equations (2.13), (2.14), and (2.17), then equating the

harmonic and non-harmonic terms and neglecting the higher order terms ofo
(

ε2
)

, we obtain

F ′′

0 −

[

N +
1

K1
− 2iK2

]

F0 = −(GrT0 +GmC0) (3.4)

F ′′

1 −

[

N +
1

K1
− 2iK2 + iω

]

F1 = −(GrT1 +GmC1) (3.5)

T ′′

0 − Pr(R+ φ)T0 = 0 (3.6)

T ′′

1 − Pr(R+ φ+ iω)T1 = 0 (3.7)

C ′′

0 − ScKrC0 = −ScS0T
′′

0 (3.8)

C ′′

1 − Sc(Kr + iω)C1 = −ScS0T
′′

1 (3.9)

where prime denotes the ordinary differentiation with respect toy.
The corresponding boundary conditions can be written as

F0 = 0, F1 = 0 , T0 = 0, T1 = 0, C0 = 0 , C1 = 0 at y ≥ 0 and t ≤ 0
F0 = f(t), F1 = 0 , C0 = 1 , C1 = 0 at y = 0 and t > 0
T0 = t, T1 = 0 at y = 0 and 0 < t ≤ 1
T0 = 1, T1 = 0 at y = 0 and t > 1
F0 → 0, F1 → 0 , T0 → 0, T1 → 0, C0 → 0 , C1 → 0 asy → ∞ and t > 0























(3.10)

Solving equations (3.4)-(3.9) under the boundary condition (3.10) we obtain the velocity, tem-
perature and concentration distribution in the boundary layer as

F (y, t) = A11 exp(−A3y) +A13 exp(−A1y) +A14 exp(−A9y) (3.11)

T (y, t) = t exp(−A1y) (3.12)

C (y, t) = A6 exp(−A1y) +A7 exp(−A3y) (3.13)

The Skin friction, Nusselt number and Sherwood number are important physical parameters
for this type of boundary layer flow.

Skin friction coefficient:
Knowing the velocity field, the skin friction coefficient canbe obtained, which is in non-
dimensional form is given by

Cf =

(

∂F

∂y

)

y=0

= − [A3A11 +A1A13 +A9A14] (3.14)
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Nusselt number:
Knowing the temperature field, the rate of heat transfer coefficient can be obtained, which is in
non-dimensional form is given, in terms of the Nusselt number, is given by

Nu = −

(

∂T

∂y

)

y=0

= tA1 (3.15)

Sherwood number:
Knowing the concentration field, the rate of mass transfer coefficient can be obtained, which is
in non-dimensional form, in terms of the Sherwood number, isgiven by

Sh = −

(

∂C

∂y

)

y=0

= A1A6 +A3A7 (3.16)

Here the constants are not given due shake of brevity.

4. RESULTS AND DISCUSSIONS

In order to investigate the influence of various physical parameters such as hall current pa-
rameterm, Soret effectS0, rotation parameterK2, magnetic parameterM , radiation parameter
R, permeability parameterK1, heat absorption parameterφ, Prandtl numberPr, thermal buoy-
ancy forceGr, solutal buoyancy forceGm, chemical reaction parameterKr, mass diffusion
parameterSc and timet on the flow-field, primary velocityu, secondary velocityw, tem-
peratureT and concentrationC have been studied analytically and computed results of the
analytical solutions, presented by equations (3.11)-(3.13) are displayed graphically from Figs.
2 to 22. In the present study following default parameter values are adopted for computations:
Gr = 4, Gm = 3, Pr = 0.71, Kr = 0.5, R = 2.0, m = 0.5, K2 = 2.0, ω = 0.5, M =
1.0, Sc = 0.6, R1 = 0.5, t = 0.5, K1 = 0.5, φ = 3.0 andS0 = 0.5. It is observed from
Figures. 2 to 14 fluid primary velocityu and fluid secondary velocityw attain a distinctive
maximum value near the surface of the plate and then decreaseproperly on increasing bound-
ary layer coordinatey to approach free stream value. Fig. 2 depicts the influence ofhall current
parameterm on the primary velocityu and secondary velocityw.

It is evident from Fig. 2,u increases on increasingm in a region near to the plate and it
decreases on increasingm in the region away from the plate whereasw increases on increasing
m throughout the boundary layer region. This implies that, hall current tends to accelerate
secondary fluid velocity throughout the boundary layer region which is consistent with the fact
that hall current induces secondary flow in the flow field. Hallcurrent tends to accelerate pri-
mary fluid velocity in a region close to the plate whereas it has a reverse effect on fluid primary
velocity in the region away from the plate. It is perceived from Fig. 3 that, primary velocity
u decreases on increasing rotation parameterK2 whereas secondary velocityw increases on
increasingK2 in the region near to the plate and it decreases on increasingK2 in the region
away from the plate. This implies that, rotation tends to retard primary fluid velocity through-
out the boundary layer region. Although rotation is known toinduce secondary fluid velocity
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FIGURE 2. Influence ofm on
velocity profiles.

FIGURE 3. Influence ofK2

on velocity profiles.

in the flow-field by suppressing the primary fluid velocity, its accelerating effect is prevalent
only in the region near to the plate whereas it has a reverse effect on secondary fluid velocity
in the region away from the plate. This is due to the reason that Coriolis force is dominant in
the region near to the axis of rotation. Fig. 4 depicts the effect of radiation parameterR on the
primary velocityu and secondary velocityw of the flow field.

FIGURE 4. Influence ofR on velocity profiles.

The radiation parameterR is found to decelerate both the primary velocityu and secondary
velocityw of the flow field at all points. This is because radiation parameter have tendency to
reduce fluid temperature which is clearly evident from Fig. 16. Higher the radiation parameter,
the more sharper is the reduction in velocity.
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It is observed that from Fig. 5 bothu andw decreases on increasing heat absorption pa-
rameterφ. This implies that heat absorption tend to retard the primary and secondary fluid
velocities.

FIGURE 5. Influence ofφ on velocity profiles.

This is because heat absorption have tendency to reduce fluidtemperature which is clearly
evident from Fig. 15. The effect of Grashof numbers for heat transferGr and mass transfer
Gm on the primary velocityu and secondary velocityw of the flow field are presented in Figs.
6 and 7.

FIGURE 6. Influence ofGr

on velocity profiles.
FIGURE 7. Influence ofGm

on velocity profiles.

A study of the curves shows that the Grashof numbers for heat transferGr and mass transfer
Gm accelerate the primary velocityu and secondary velocityw of the flow field at all points.
Comparing the curves of Figs. 6 and 7, it is further observed that the increase in velocity of the
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flow fields more significant in presence of mass transfer. Thus, mass transfer has a dominant
effect on the flow field.

The nature of primary velocityu and secondary velocityw in presence of foreign species
such as Hydrogen(Sc = 0.20), Helium (Sc = 0.30), Water vapour(Sc = 0.60), Ammonia
(Sc = 0.78) is shown in Fig. 8. The flow field surffers a decrease in primaryvelocity u and
secondary velocityw at all points in presence of heavier diffusing species. It isobserved from
Fig. 9 primary velocityu and secondary velocityw increase on increasing timet. This implies
that primary and secondary fluid velocities are getting accelerated with the progress of time.

FIGURE 8. Influence ofSc

on velocity profiles.
FIGURE 9. Influence oft on
velocity profiles.

Fig. 10 displays the effect of the chemical reaction parameter Kr on primary velocityu
and secondary velocityw of the flow field at all points. It is seen, that primary velocity u and
secondary velocityw decreases with increasing the chemical reaction parameterKr. Fig. 11

FIGURE 10. Influence ofKr

on velocity profiles.
FIGURE 11. Influence ofS0

on velocity profiles.
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displays the effect of the Soret numberS0 on primary velocityu and secondary velocityw of
the flow field at all points. It is seen, that primary velocityu and secondary velocityw increases
with increasing the Soret numberS0.

Fig. 12 depicts the effect of Magnetic parameterM on primary velocityu and secondary
velocity w of the flow field. The Magnetic parameterM is found to decrease the primary
velocityu and secondary velocityw of the flow field at all points. Fig. 13 depicts the influence
of porosity parameterK1 on primary velocityu and secondary velocityw of the flow field. It is
evident from Fig. 13,u increases on increasingK1 in a region near to the plate and it decreases
on increasingK1 in the region away from the plate whereasw increases on increasingK1

throughout the boundary layer region.

FIGURE 12. Influence ofM
on velocity profiles.

FIGURE 13. Influence ofK1

on velocity profiles.

Fig. 14 shows the plot of primary velocityu and secondary velocityw of the flow field
against different values of prandtl numberPr taking other parameters are constant. The values

FIGURE 14. Influence ofPr on velocity profiles.
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of the prandtl number are chosen for air(Pr = 0.71), electrolytic solution(Pr = 1.00), water
(Pr = 7.00) and water at40C (Pr = 11.40). It is observed that the primary velocityu and
secondary velocityw of the flow field decreases in magnitude as prandtl numberPr increases.
Thus higher prandtl number leads to faster cooling of the plate.

Figs. 15 and 16 depict the effect of heat absorption parameter φ and radiation parameter
R on the temperatureT of the flow field. It is observed that heat absorption parameter φ and
radiation parameterR are found to decelerate the temperatureT of the flow field at all point.

FIGURE 15. Influence ofφ
on temperature profiles.

FIGURE 16. Influence ofR
on temperature profiles.

Figs. 17 and 18 depict the effect of timet and prandtl numberPr on the temperatureT
of the flow field. The prandtl number defines the ratio of momentum diffusivity to thermal
diffusivity. The values of the prandtl number are chosen forair (Pr = 0.71), electrolytic

FIGURE 17. Influence oft on
temperature profiles.

FIGURE 18. Influence ofPr

on temperature profiles.
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solution(Pr = 1.00), water(Pr = 7.00) and water at40C (Pr = 11.40). It is noticed that the
fluid temperatureT increases in magnitude on increasing timet and it decreases on increasing
the prandtl numberPr at all points of the flow field.

It is observed from Figs. 19 and 20 that species concentration C decreases on increasing
Schmidt numberSc whereas it increases on increasing timet. This implies that there is an
enhancement in species concentration with the progress of time throughout the boundary layer
region.

FIGURE 19. Influence ofSc

on concentration profiles.
FIGURE 20. Influence oft on
concentration profiles.

Figs. 21 and 22 depict effect of Soret numberSo and chemical reaction parameterKr on
concentration distribution of the flow field. The species concentrationC is found to increases

FIGURE 21. Influence ofS0

on concentration profiles.
FIGURE 22. Influence ofKr

on concentration profiles.

on increasing Soret numberSo whereas it is decreases on increasing the chemical reaction
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parameterKr. Table 1. Represents the numerical values of heat transfer coefficientNu for
different values of radiation parameterR, Prandtl numberPr and heat absorption parameterφ.
Nusselt numberNu increases on increasingR, Pr, andφ. Also the value ofNu is least for
Mercury and highest for Water at40C.

TABLE 1. Nusselt numberNu whent = 0.5.

R Pr φ Nu R Pr φ Nu

2.0 0.71 3.0 0.9421 2.0 7.00 3.0 2.9580
4.0 0.71 3.0 1.1147 2.0 11.40 3.0 3.7749
6.0 0.71 3.0 1.2639 2.0 0.71 1.0 0.7297
8.0 0.71 3.0 1.3973 2.0 0.71 3.0 0.9421
2.0 0.71 3.0 0.9421 2.0 0.71 5.0 1.1147
2.0 1.00 3.0 1.1180 2.0 0.71 7.0 1.2639

Table 2. Represents the numerical values of skin friction coefficientCf for different values
of Hall current parameterm, rotation parameterK2, radiation parameterR and heat absorption
parameterφ. Skin friction coefficientCf increases on increasingm whereasCf decreases
on increasingR andφ for both primary and secondary velocities. It is observed that skin

TABLE 2. Skin friction coefficient whenKr = 0.5, So = 0.5,M = 1,K1 =
0.5, Gr = 4, Gm = 3, R1 = 0.5, ω = 0.5, Sc = 0.6, t = 0.5, Pr = 0.71.

m K2 R φ
Skin friction coefficientCf

Primary Secondary
0.5 2.0 2.0 3.0 1.0138 0.8742
1.0 2.0 2.0 3.0 1.0232 0.9250
1.5 2.0 2.0 3.0 1.0429 0.9509
2.0 2.0 2.0 3.0 1.0600 0.9632
0.5 2.0 2.0 3.0 1.0138 0.8742
0.5 4.0 2.0 3.0 0.5745 1.0719
0.5 6.0 2.0 3.0 0.2914 1.1660
0.5 8.0 2.0 3.0 0.0857 1.2331
0.5 2.0 2.0 3.0 1.0138 0.8742
0.5 2.0 4.0 3.0 0.9870 0.8582
0.5 2.0 6.0 3.0 0.9665 0.8470
0.5 2.0 8.0 3.0 0.9501 0.8387
0.5 2.0 2.0 1.0 1.0525 0.9001
0.5 2.0 2.0 3.0 1.0138 0.8742
0.5 2.0 2.0 5.0 0.9870 0.8582
0.5 2.0 2.0 7.0 0.9665 0.8470
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friction coefficientCf decreases for primary velocity and increases for secondaryvelocity on
increasing rotation parameterK2.

Table 3. Represents the numerical values of skin friction coefficientCf for different values
of Grashof numberGr, modified Grashof numberGm, Schmidt numberSc and chemical re-
action parameterKr. Skin friction coefficientCf increases on increasingGr andGm whereas
Cf decreases on increasingSc andKr for both primary and secondary velocities.

TABLE 3. Skin friction coefficient whenSo = 0.5,M = 1,K1 = 0.5, R =
2,m = 0.5,K2 = 2, R1 = 0.5, ω = 0.5, φ = 3, t = 0.5, Pr = 0.71.

Gr Gm Sc Kr
Skin friction coefficientCf

Primary Secondary
1.0 3.0 0.60 0.5 0.6564 0.7731
2.0 3.0 0.60 0.5 0.7755 0.8068
3.0 3.0 0.60 0.5 0.8947 0.8405
4.0 3.0 0.60 0.5 1.0138 0.8742
4.0 2.0 0.60 0.5 0.6679 0.7193
4.0 4.0 0.60 0.5 1.3597 1.0290
4.0 6.0 0.60 0.5 2.0516 1.3388
4.0 8.0 0.60 0.5 2.7434 1.6486
4.0 3.0 0.20 0.5 1.0503 0.9258
4.0 3.0 0.30 0.5 1.0376 0.9077
4.0 3.0 0.60 0.5 1.0138 0.8742
4.0 3.0 0.78 0.5 1.0045 0.8610
4.0 3.0 0.60 0.5 1.0138 0.8742
4.0 3.0 0.60 1.0 0.9498 0.8095
4.0 3.0 0.60 1.5 0.9047 0.7683
4.0 3.0 0.60 2.0 0.8693 0.7381

Table 4. Represents the numerical values of mass transfer coefficientSh for different values
of Schmidt numberSc, chemical reaction parameterKr, Soret numberSo, radiation parameter
R, Prandtl numberPr and heat absorption parameterφ. Sherwood numberSh increases on
increasingSc andKr. Sherwood numberSh decreases on increasingSo, R, Pr andφ. Also
the value ofSh is least for Hydrogen and highest for Propyl benzene.

Table 5. Represents the numerical values of skin friction coefficientCf for different values
of Soret numberSo, Magnetic parameterM , permeability parameterK1 and prandtl number
Pr. Skin friction coefficientCf increases on increasingSo andK1 whereasCf decreases on
increasingM andPr for both primary and secondary velocities.
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TABLE 4. Sherwood numberSh whent = 0.5.

Sc Kr S0 R Pr φ Sh Sc Kr S0 R Pr φ Sh

0.20 0.5 0.5 2.0 0.71 3.0 0.0611 0.60 0.5 0.5 2.0 0.71 3.0 0.3288
0.30 0.5 0.5 2.0 0.71 3.0 0.0846 0.60 0.5 0.5 4.0 0.71 3.0 0.2793
0.60 0.5 0.5 2.0 0.71 3.0 0.1479 0.60 0.5 0.5 6.0 0.71 3.0 0.2361
0.78 0.5 0.5 2.0 0.71 3.0 0.1826 0.60 0.5 0.5 8.0 0.71 3.0 0.1972
0.60 0.5 0.5 2.0 0.71 3.0 0.1479 0.60 0.5 0.5 2.0 0.71 3.0 0.3288
0.60 1.0 0.5 2.0 0.71 3.0 0.4089 0.60 0.5 0.5 2.0 1.00 3.0 0.2783
0.60 1.5 0.5 2.0 0.71 3.0 0.6055 0.60 0.5 0.5 2.0 7.00 3.0 -0.2645
0.60 2.0 0.5 2.0 0.71 3.0 0.7692 0.60 0.5 0.5 2.0 11.40 3.0 -0.5082
0.60 0.5 0.2 2.0 0.71 3.0 0.4601 0.60 0.5 0.5 2.0 0.71 1.0 0.3885
0.60 0.5 0.4 2.0 0.71 3.0 0.3725 0.60 0.5 0.5 2.0 0.71 3.0 0.3288
0.60 0.5 0.6 2.0 0.71 3.0 0.2850 0.60 0.5 0.5 2.0 0.71 5.0 0.2793
0.60 0.5 0.8 2.0 0.71 3.0 0.1974 0.60 0.5 0.5 2.0 0.71 7.0 0.2361

TABLE 5. Skin friction coefficient whenGr = 4, Gm = 3,Kr = 0.5, φ =
3, R = 2,m = 0.5,K2 = 2, ω = 0.5, R1 = 0.5, Sc = 0.6, t = 0.5.

So M K1 Pr
Skin friction coefficientCf

Primary Secondary
0.2 1.0 0.5 0.71 0.9865 0.8520
0.4 1.0 0.5 0.71 1.0047 0.8668
0.6 1.0 0.5 0.71 1.0229 0.8815
0.8 1.0 0.5 0.71 1.0411 0.8963
0.5 1.0 0.5 0.71 1.0138 0.8742
0.5 2.0 0.5 0.71 0.8966 0.8063
0.5 3.0 0.5 0.71 0.7895 0.7555
0.5 4.0 0.5 0.71 0.6918 0.7166
0.5 1.0 0.1 0.71 0.3167 0.3463
0.5 1.0 0.2 0.71 0.7323 0.5678
0.5 1.0 0.3 0.71 0.8926 0.7120
0.5 1.0 0.4 0.71 0.9705 0.8077
0.5 1.0 0.5 0.71 1.0138 0.8742
0.5 1.0 0.5 1.00 0.9865 0.8579
0.5 1.0 0.5 7.00 0.8335 0.7937
0.5 1.0 0.5 11.40 0.8013 0.7853
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5. CONCLUSION

An investigation of the effects of hall current, Soret number, chemical reaction parmeter
and rotation parameter on unsteady hydromagnetic natural convection flow with heat and mass
transfer of a viscous, incompressible, electrically conducting and optically thick radiating fluid
past an impulsively moving vertical plate embedded in a fluidsaturated porous medium is
carried out. Important findings are as follows:

• Hall current tends to accelerate secondary fluid velocity throughout the boundary layer
region. Hall current tends to accelerate primary fluid velocity in a region close to the
plate whereas it has a reverse effect on the primary fluid velocity in the region away
from the plate.

• Rotation tends to retard primary fluid velocity throughout the boundary layer region
and accelerate secondary fluid velocity only in the region near to the plate whereas it
has a reverse effect on secondary fluid velocity in the regionaway from the plate.

• Thermal and concentration buoyancy forces tend to accelerate both the primary and
secondary fluid velocities throughout the boundary layer region.

• Primary and secondary fluid velocities are getting accelerated with the progress of time
throughout the boundary layer region.

• Heat absorption parameter, thermal radiation and Prandtl number tend to retard fluid
temperature and there is an enhancement in fluid temperaturewith the progress of time
throughout the boundary layer region.

• Mass diffusion and chemical reaction parameter tends to retard species concentration
and there is an enhancement in species concentration with the progress of time and
Soret number throughout the boundary layer region.

• Radiation parameter, heat absorption parameter, Schmidt number, chemical reaction
parameter, magnetic parameter and Prandtl number tends to retard skin friction coeffi-
cient and there is an enhancement in skin friction coefficient on increasing Hall current
parameter, Grashof number, modified Grashof number, Soret number and permeability
parameter for both primary and secondary velocities. But skin friction coefficient de-
creases on increasing rotation parameter for primary velocity whereas it has a reverse
effect for secondary velocity.

• Radiation parameter, Prandtl number and heat absorption parameter have tendency to
increase the heat transfer coefficient.

• Schmidt number and chemical reaction parameter have tendency to accelerate the mass
transfer coefficient. Soret number, radiation parameter, Prandtl number and heat ab-
sorption parameter retard the fluid concentration.
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ABSTRACT. The phase-type representation is strongly connected withthe positive realization
in positive system. We attempt to transform phase-type representation into sparse mono-cyclic
positive representation with as low order as possible. Because equivalent positive representa-
tions of a given phase-type distribution are non-unique, itis important to find a simple sparse
positive representation with lower order that leads to moreeffective use in applications. A
Hypo-Feedback-Coxian Block (HFCB) representation is a good candidate for a simple sparse
representation. Our objective is to find an HFCB representation with possibly lower order,
including all the eigenvalues of the original generator. Weintroduce an efficient nonlinear
optimization method for computing an HFCB representation from a given phase-type represen-
tation. We discuss numerical problems encountered when finding efficiently a stable solution of
the nonlinear constrained optimization problem. Numerical simulations are performed to show
the effectiveness of the proposed algorithm.

1. INTRODUCTION

The positive realization problem has been independently studied in the system theory and
probability theory communities [1, 2, 3, 4]. The phase-typerepresentation (so called, posi-
tive representation) is strongly connected with the positive realization in system theory [5].
The relation between the Laplace-Stieltjes transform (LST) of a probability distribution and
a corresponding phase-type representation is similar to that between a transfer function and a
corresponding state space realization.

Because equivalent positive representations of a given phase-type(PH) distribution are non-
unique [6], finding smaller and simpler matrix representations for PH-distributions has become
an important theoretical and practical issue. In modeling and simulation applications, the im-
portance of simple sparse representations comes from the fact that the computational complex-
ity of PH-distributed random-variate generation depends on the representation [7, 8]. Finding
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smaller, simpler and structured representations with lower order can lead to more effective use
of PH-distribution random number generators in stochasticmodeling and simulation.

There are some important approaches for minimal and specially structured positive realiza-
tion such as the triangular, bi-diagonal, mono-cyclic, anduni-cyclic representations [5, 9].
Every phase-type distribution has a mono-cyclic representation with larger order [9]. The
mono-cyclic representation is a natural extension of a generator with a bi-diagonal matrix. The
mono-cyclic representations are referred to as feed-back Erlang representations (or feed-back
Coxian representations) due to their structures [9]. We introduce a Hypo-Feedback-Coxian
Block (HFCB) representation covering Erlang, Coxian, Feedback Erlang (FE) and Feedback
Coxian (FC) representations. These approach can be appliedto the sparse positive realization
of positive system since it has the same structure [3, 5]. Similar constructive methods of simple
compact positive realizations for general transfer functions have been extensively discussed in
the positive system [2, 4, 10, 11]. The main objective of thispaper is to compute an HFCB
positive representation with a lower order using nonlinearoptimization method.

Finding the roots of polynomials is an important task for finding a proper HFCB representa-
tion. A coefficient relation function between the roots and coefficients of a polynomial can be
used to find all of the roots of a given polynomial simultaneously and in parallel, instead of us-
ing a deflation method finding the roots one by one such as Laguerre’s and Newton-Raphson’s
[12]. A constrained nonlinear optimization problem computing a sparse mono-cyclic represen-
tation is formulated by using coefficient relation function. We discuss the numerical method to
find a optimal solution of the constrained nonlinear optimization problem depending on how
to choose an initial value.

The rest of this paper is organized as follows. Section 2 provides some relevant background
material, including definitions and preliminary results. In Section 3, various structured phase-
type representations classified into acyclic and cyclic forms and their properties are considered.
Numerical optimization methods for finding a sparse mono-cyclic representation with possibly
small order are discussed in Section 4. The numerical experiments are presented in Section 5.
Finally, Section 6 concludes the paper.

2. PHASE-TYPE DISTRIBUTIONS

Before proceeding, we introduce some basic notations. Ann × n non-negative matrixA
is denoted byA ≥ 0 if its entries are non-negative and at least one entry is positive. A strict
positive matrixA = [aij ] is denotedA > 0 if all entriesaij > 0. We discuss the phase-
type distribution for a non-negative random variableX in terms of a continuous-time Markov
process. A continuous-time Markov process is defined on ann+ 1 finite state space. The row
vectorα gives the initial probability vector. A phase-type (PH) distribution is defined as the
distribution of the time needed for absorption in a Continuous-Time Markov Chain (CTMC)
with one absorbing state. If then+1 state is an absorbing state and all other states are transient,
the infinitesimal generator matrix of the Markov chain in theform of the augmented matrix
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tuple(T̄ , b̄, ᾱ), called the augmented phase-type representation, can be defined by

T̄ =

[

T −T1
0 0

]

, b̄ = en+1,

ᾱ =
[

α αn+1

]

,

(2.1)

where0 refers to the column vector, row vector or matrix with all entries equal to zero in
the case without ambiguity,ek is ak-th standard basis vector with zeros, except thek-th one,
which is 1, and1 is the column vector with all entries being one. We can see that αn+1 = 0
if α1 = 1, andαn+1 = 1 − α1 otherwise. PH distributions are commonly represented by
a vector-matrix tuple(α, T ) that describes the transient part of the CTMC. The vector-matrix
tuple (α, T ) denotes a phase-type representation (or a phase-type generator) of a phase-type
distribution ifα andT have following properties:Tii < 0, Tij ≥ 0 for i 6= j, α1 ≤ 1, α ≥ 0,
andT1 ≤ 0. Equivalently, a phase-type representation is regarded asthe positive realization
(representation) of positive system [5].

The probability density function (PDF), cumulative distribution function (CDF), and Laplace-
Stieltjes Transform (LST) of the PDF, respectively, are defined by

f(x) = α exp(Tx)(−T1)
F (x) = 1− α exp(Tx)1
F ∗(s) = E(exp(sX)) = α(sI − T )−1(−T1)

whereE(X) means an expectation of a random variableX.
The particular structured representation problem has beenstudied as an important work in

the theory of phase-type representations [5]. Depending ontheir structures, we can typically
divide a phase-type representation into two classes: an acyclic subclass and a cyclic subclass.
In the concept of graph theory, the acyclic class consists ofa vector-matrix pair(α, T ), which
the generatorT represents an acyclic transition graph andα is a positive vector.

The concepts of PH-simplicity and PH-majorization are useful tools in the study of PH-
distributions [6, 13]. For a givenT , PH(T ) denotes the set of all distributions with a phase-
type representation(α, T ). For two generatorsT andS,S is said to PH-majorizeT if PH(T ) ⊂
PH(S). T is called by PH-simple if for any differentα andβ, (α, T ) and(β, T ) represent
different distributions.S PH-majorizesT if and only if there exists a non-negative matrixP
such that

TP = PS, P1 = 1. (2.2)

This means that(α, T ) and(αP, S) represent the same phase-type distribution. We note that a
non-negative condition ofP is not necessary for the existence of a new phase-type representa-
tion (αP, S). The non-negative condition ofP is replaced byαP ≥ 0.

A multiset is defined by a collection of elements in which certain elements may occur more
than once. Let|A| be the cardinality ofA. A multisetA⊎B denotes an additive union (counting
multiplicities) in multiset such that|A ⊎B| = |A|+ |B|.
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3. SPECIALLY STRUCTURED POSITIVE REPRESENTATIONS

3.1. Coxian representation. Any PH-distribution with a triangular representation(α, T ) has
a bi-diagonal representation(β, S(~λ)) with the same order. Every phase-type representation
whose LST has only real poles has an ordered Coxian representation with larger order than the
original [13]. By using an optimization method, several algorithms have been introduced for
finding a Coxian generator,S(λ) PH-majorizing a PH-generator [14].

We consider the computation problem for PH-majorizingS(λ) for a PH-generator(α, T )
such that for a given vector~λ = (λ1, · · · , λm), TP = PS(~λ) and a bi-diagonal matrixS(~λ)
is defined by

S(~λ) =















−λ1 λ1 · · · 0 0
0 −λ2 · · · 0 0
...

...
. ..

...
0 0 · · · −λm−1 λm−1

0 0 · · · 0 −λm















.

A spectral polynomial algorithm for computing a canonical bi-diagonal representation of a
state space representation has been proposed [14]. We assume that all eigenvalues ofT are
nonzero and real-valued. The spectral polynomial algorithm is given as follows:

(1) Find the descending ordered multiset{−λ1,−λ2, · · · ,−λm} including all the eigen-
values (counting multiplicities) ofT .

(2) Letpm = −T1/λm. For2 ≤ k ≤ m, recursively, setk = k − 1 and computepk such
that

pk = (λk+1I + T )pk+1/λk.

(3) Construct the bi-diagonal matrixS(~λ) for ~λ = (λ1, · · · , λm) andn ×m matrixP =
[

p1 p2 · · · pm
]

.

(4) Check thatTP − PS(~λ) = 0 andβ = αP ≥ 0.

PH-generators with only real eigenvalues can be transformed into Coxian generators by the
spectral algorithm [14]. By using the spectral polynomial algorithm, a Coxian representation
is induced based on the next theorem.

Theorem 3.1. We assume that a vector-matrix pair(α, T ) is a PH-generator such that all the
eigenvalues ofT are real andα ≥ 0. Then, a Coxian representation(β, S(~λ)) is an equivalent
bi-diagonal representation of a vector-matrix pair(α, T ) such thatTP = PS(~λ), 1 = P1
andβ = αP .

3.2. Monocyclic positive representation. We attempt to find sparse representations repre-
senting phase-type distributions with complex and real poles. The presence of complex poles
in LST implies the presence of backward transitions in the associated Markov chain. Several
candidates for canonical sparse positive realization, such as feedback Erlang representation
[13], mono-cyclic Coxian representation [9] and unicyclicrepresentation [15, 16], have been
introduced.
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An n × n matrix A is said to be reducible if there exists a permutation matrixP such

that P tAP =

[

B C
0 D

]

whereB andD are square matrices andP t is the transpose ofP .

Otherwise,A is said to be irreducible . DefineEij be then × n matrix that has only a one in
the position(i, j) and zeros otherwise. IfA is irreducible and for anyaij 6= 0, A − aijEij is
reducible, then A is said to be nearly reducible. Suppose A isann×n nearly reducible matrix
[17]. Then, there exist permutation matricesP andQ and an integers > 1 such that

PAQ =















A1 B1 · · · 0 0

0 A2 · · · 0 0

.. .
0 0 · · · As−1 Bs−1

Bs 0 · · · 0 As















(3.1)

where eachBi has exactly one entry equal to one and eachAi is nearly reducible. When all
Bi’s are1× 1, this is a simplified form for nearly reducible matrices. We note that this form is
a good candidate as a simple sparse representation of a phase-type distribution with complex
poles.

The simplest cyclic representations are obtained by addinga feedback on an Erlang repre-
sentation, which is called a Feedback Erlang (FE) representation or mono-cyclic representation
[16, 9]. A new type of representation can be obtained by adding a feedback to the Coxian rep-
resentation. It is specially denoted as a Feedback Coxian (FC) representation if the transition
matrix of a vector matrix pair can be obtained by adding feedback to the Coxian representation.
Thus, for a given vector~λ = (λ1, · · · , λm) and0 ≤ z < 1, an FC representation(α,M(~λ, z))
is defined by

M(~λ, z) =















−λ1 λ1 · · · 0 0
0 −λ2 · · · 0 0
...

...
. . .

...
...

0 0 · · · −λm−1 λm−1

zλm 0 · · · 0 −λm















(3.2)

We can see that the matrixM(~λ, z) is a simple nearly reducible matrix.

Lemma 3.2. Let P be a permutation matrix and~λ′ = ~λP . Then an FC representation
(α,M(~λ′, z)) has the same eigenvalue multiset.

Proof. The characteristic polynomialp(s) = det(sI − M(~λ, z)) is given byp(s) = (s +
λ1)(s + λ2) · · · (s + λm)− θ whereθ = zλ1λ2 · · ·λm. Since the characteristic polynomial is
independent of the order of the entries of~λ, the FC representation(α,M(~λ′, z)) has the same
eigenvalue multiset. �
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We can resort~λ in ascending order representing the given characteristic polynomial. FC rep-
resentations have more free parameters than FE representations. We define a Hypo-Feedback-
Coxian Block (HFCB) representation as a generalized form, covering Erlang, Coxian, FE and
FC block representation.

Definition 3.1. A Hypo-Feedback-Coxian Block (HFCB) representation is defined as a tran-
sient generator having the following structure

M =















M1 M∗

1 · · · 0 0

0 M2 · · · 0 0

...
...

. . .
...

...
0 0 · · · MJ−1 M∗

J−1
0 0 · · · 0 MJ















(3.3)

whereMi is a feedback CoxianM(~λ, z) or CoxianS(λ) for eachi and M∗

j is defined by
M∗

j = (−Mj)1e1, wheree1 is the first standard basis vector.

In the above definition, if cyclicMi is an FE, it is denoted by a Hypo-Feedback-Erlang Block
(HFEB) as a special case of HFCB [8]. It has been proven that every phase-type representation
can be transformed into a mixture of HFEB representations [5, 9].

Algorithm 1 A cyclic spectral polynomial algorithm
Input: (α, T )

Output: P andβ = αP

(1) Choose an appropriate HFCB generatorM such that the eigenvalue multiset ofM

includes all eigenvalues ofT counting multiplicities.
(2) Give an initial column vectorpm = −T1.
(3) ζk is defined by the number of nonzero elements of thek-th column ofM andcj,k is

the(j, k)-th element ofM. For a givenpk and1 < k ≤ m, recursively, setk = k − 1
and computepk as follows
(a) if ζk = 2,

pk = (λk+1I + T )pk+1/λk (3.4)
(b) if ζk = 3 andck+n′,k 6= 0,

pk = ((λk+1I + T )pk+1 − ck+n′,k+1pk+n′)/ck,k+1 (3.5)

(4) ConstructP =
[

p1 p2 · · · pm
]

(5) Finally, check thatTP = PM andαP ≥ 0, and returnβ = αP andP .

We propose a cyclic spectral polynomial algorithm to compute a transform matrixP gener-
atingM from a representation(α, T ) in Algorithm 1. Finally, check two facts:TP = PM

andαP ≥ 0. In the next section, we will discuss how to find an appropriate HFCB generator
M with lower order in the first step in Algorithm 1.
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Theorem 3.3. We assume that a vector-matrix pair(α, T ) is a PH-generator such that all
the eigenvalues ofT are real and complex numbers andα ≥ 0. Then the matrixP satisfies
that TP = PM and the eigenvalue multiset (counting multiplicities) ofT is included all
eigenvalues of the HFCB matrixM in Eq. (3.3) .

Proof. First, we assume that an eigenvalue multiset (counting multiplicities) of T is included
in the multiset of eigenvalues of the HFCB matrixM. However, it is postponed how to
find M satisfying the assumption to the next section. A matrixP is computed by Algo-
rithm 1. We will show that we can obtainP such thatTP = PM. We haveTP =
[

Tp1 Tp2 · · · Tpm−1 Tpm
]

and setpm = −T1. The last column ofM has only two
nonzero values. From Algorithm 1, we obtainTpm = λm−1pm−1 − λmpm. For1 < k < m,
sincek-th column ofM has two or three nonzero elements, we have two casesTpk+1 =
ck,k+1pk − λk+1pk+1 + ck+n′,k+1pk+n′ or Tpk+1 = λkpk − λk+1pk+1 in each step. For
the first column ofM, we have two casesTp1 = −λ1p1 + c1+n′,1p1+n′ or Tp1 = −λ1p1.
Therefore, we can see thatTP = PM. �

4. OPTIMIZATION METHOD FOR FINDING A SPARSEHFCB REPRESENTATION

We consider the properties of FE blocks and FC blocks. For a given FE blockM(~λ, z) with
λi = λ > 0 and a constantλ, the eigenvalue multiset ofM(~λ, z) can be computed explicitly
in a closed form [9].

Lemma 4.1. [9] Assume that we have a real rootµ0 = −λ + λz1/m and a complex root
µ1 = a + ib. Then eachn-th root µk of its characteristic polynomial equation of an FE
representationM(~λ, z) is simply obtained by

µk = −λ(1− z
1

m cos
2kπ

m
) + iz

1

mλ sin
2kπ

m
(4.1)

for 0 ≤ k < m, where~λ = (λ, · · · , λ), and the parameters of the representation can uniquely
be determined by

λ =
1

2

(

2a− b tan
π

m
+ b cot

π

m

)

(4.2)

z =
b(tan π

m + cot π
m)

2λ
(4.3)

for a givenµ1 and an integerm > 2.

For a complex rootµ1 = a + ib, we can obtain an FE blockM(~λ, z) such that~λ =
(λ, · · · , λ) and z are defined by Eqs (4.2) and (4.3). We consider a lower bound problem
of the order of a phase-type generatorT including a given complex eigenvalue. It is related
to the continuous version of famous Kolmogorov’s remark: “for a fixed integerm, what is the
multiset of all complex numbers that are eigenvalues of an order-n stochastic matrix?” [13].
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Lemma 4.2. [13] Let (α, T ) be a generator of phase-type distribution with a maximal real
eigenvalueµ0 and with any complex eigenvalueµ1 = −a+ bi (a > 0). Then the orderm of T
satisfies

|b|

a− |µ0|
≤ cot

π

m
(4.4)

It has been shown that a wedge as in (4.4) contains all eigenvalues ofT using an invariant
polytope argument [13]. By using the result of Lemma 4.2, we can determine the lower bound
of the order of an FC block includingµ1 because an FC block is regarded as a special case
of a phase-type representation. Since the eigenvalue multiset of FE block computed by using
Lemma 4.1 covers at most two or three eigenvalues of the original matrixT , the total order of
M gets larger. On other hand, because FC blocks have more free parameters, we can find an
FC block including more common eigenvalues ofT than that of FE block. So we can reduce
the total order ofM.

The relationship of the roots of a polynomial equation and its coefficients has been studied in
the complex analysis field [18]. It is closely related to a typical theorem of [18], which shows
a connection between the roots of the polynomial and the generator (~λ, z) of an FC matrix
M(~λ, z).

Lemma 4.3. Assume that a diagonal vector~λ = (λ1, λ2, · · · , λm) of the mono-cyclic matrix
M(~λ, z) in (3.2) lies in a circular region whose center is̄λ and a given radiusr > 0.

(1) Then, all of the roots{µ1, · · · , µm} of the polynomial equationp(s) = (s + λ1)(s +
λ2) · · · (s+ λm)− θ = 0 lie on or within one of then circles, which have the common
radius r and whose centers,̄µk’s, are given byµ̄k = −λ̄ + exp(2ikπm )|θ|1/m, where
θ = zλ1λ2 · · ·λm.

(2) If thesem circles are mutually external, each circle contains precisely one of the roots
{µ1, · · · , µm} of the polynomial equationp(s).

(3) If λ̄ = E(λk), then we have|θ|1/m ≤ |λ̄|z
1

n , and equality holds if and only ifλk = λ̄
for all k.

Proof. Proofs for the first and the second can be shown by using the results of [18]. The
arithmetic mean is larger than or equal to the geometric meanand the equality only holds if
λk = λ̄ for all k. The third is trivial. �

Lemma 4.3 shows the connection between{λk} in M(~λ, z) and the root multiset{µk}
of p(s). With the help of a numerical procedure, we can depict the feasible regions of the
eigenvalues ofM(~λ, z) for a givenr.

Example 4.1. By using a random number generator, for given0 ≤ z < 1 and r > 0, we
generate a random number vector~λ such that̄λ−r ≤ λk ≤ λ̄+r andλ̄ = E(λk). We compute
all the roots{µk} of the characteristic polynomialp(s) depending on a random number vector
~λ with respect toz = 0.5 and λ̄ = 2. Figure 1 shows a relationship between the eigenvalues
{µk} of an FC blockM(~λ, z) and a random number vector~λ for n = 5 or n = 6. In Fig. 1,



AN OPTIMIZATION APPROACH FOR COMPUTING A SPARSE MONO-CYCLIC POSITIVE REPRESENTATION233

−3.5 −3 −2.5 −2 −1.5 −1 −0.5 0
−2

−1.5

−1

−0.5

0

0.5

1

1.5

2

 

 
FE
FC

(a) n = 5

−4 −3.5 −3 −2.5 −2 −1.5 −1 −0.5 0
−2

−1.5

−1

−0.5

0

0.5

1

1.5

2

 

 
FE
FC

(b) n = 6

FIGURE 1. The location of the eigenvalues{µk}’s of FE, and FC for orders
n = 5 andn = 6

the green dots, the red dots and the blue dots denote the eigenvalues points corresponding to
0.8 ≤ r ≤ 1, 1.12 ≤ r ≤ 1.4, and1.44 ≤ r ≤ 1.8, respectively. The diamond points present
the eigenvalues of an FE block computed by Eq. (4.1).

From Example 4.1, we can predict the moving pattern of the eigenvalues corresponding to
the change of(~λ, z). We can verify that there will be just one root in each circle with a given
radiusr, remarked in Lemma 4.3. From the simulation, we can see that the eigenvalue points
{µk} are distributed to the inside direction from the vertices ofthe polygons.

An eigenvalue multisetA = {ν1, · · · , νn} (counting multiplicities) is a multiset of eigen-
values ofT . An eigenvalue multisetB = {µ1, · · · , µm} (counting multiplicities) is the mul-
tiset of eigenvalues of the HFCB matrixM. Let ~ν = (ν1, · · · , νn) be an eigenvalue vector
such thatνi for eachi is an eigenvalue ofT . The multisetB must include the eigenvalue
multisetA. An eigenvalue multisetB(i) = {µ

(i)
1 , · · · , µ

(i)
ni } (counting multiplicities) denotes

the eigenvalue multiset of an FC blockM(~λ(i), z(i)) for each1 ≤ i ≤ r. A vector pair
(~λ(i), z(i)) denotes a generator matrix ofM(~λ(i), z(i)) for each1 ≤ i ≤ r. Let a genera-
tor Υ = {(~λ(1), z(1)), · · · , (~λ(r), z(r))} generate the HFCB matrixM. The problem can be
reformulated as follows.

Problem 4.1. Find a generatorΥ = {(~λ(1), z(1)), · · · , (~λ(r), z(r))} to minimize the order of
the HFCB matrixM such that

A ⊂ B =
r
⊎

i=1

B(i) (4.5)

whereB(i) is the eigenvalue multiset ofM(~λ(i), z(i)).
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We note that the problem is closely related to the simultaneous root finding problem of a
polynomial [12]. Finding the roots of polynomials is an important task for various areas of
signal processing, such as filter and wavelet design, spectral estimation, phase unwrapping,
and communication. The constrained relation between the roots and coefficients of a polyno-
mial can be used to find all of the roots of a given polynomial simultaneously, instead of using
sequential methods, such as Laguerre’s and Newton-Raphson’s [12]. Sincepi(s) the charac-
teristic is polynomial of each FC block matrixM(~λ(i), z(i)), the characteristic functionp(s) of
the HFCB matrixM is p(s) = p1(s)p2(s) · · · pr(s).

Lemma 4.4. For any generator(~λ(i), z(i)) ∈ Υ, assume thatB(i) denotes the eigenvalue
multiset (counting multiplicities) of the sub-blockM(~λ(i), z(i)) of the HFCB matrixM. Then
it satisfies the coefficient relation equations such that each φk is defined by

φ1 ,

mi
∑

k=1

λ
(i)
k −

mi
∑

k=1

(−µ
(i)
k ) = 0

φ2 ,

mi
∑

k<j

λ
(i)
k λ

(i)
j −

mi
∑

i<j

(−1)2µ
(i)
k µ

(i)
j = 0

...

φmi
, (1− z(i))λ

(i)
1 · · ·λ(i)

mi
− (−1)miµ

(i)
1 · · ·µ(i)

mi
= 0

(4.6)

for eachµ(i)
k ∈ B(i).

Proof. We will show that for given generatorΥ andB(i), the coefficient relation equations
between roots and coefficients of a polynomial as (4.6) can bedefined. The characteristic
polynomialpi(s) = det(sI −M(~λ(i), z(i)))) for eachi is given by

pi(s) = (s+ λ
(i)
1 )(s + λ

(i)
2 ) · · · (s+ λ(i)

mi
)− θ (4.7)

whereθ = z(i)λ
(i)
1 λ

(i)
2 · · · λ

(i)
mi andmi is an order ofM(~λ(i), z(i)). The eigenvalue multiset of

M(~λ(i), z(i)) is equal to the root multiset of the polynomialpi(s). The polynomialpi(s) can
be rewritten in the form

pi(s) =

mi
∏

k=1

(s− µ
(i)
k ). (4.8)

All coefficient relation functionsφi’s can be defined by comparing with coefficients of (4.7)
and (4.8) with respect to(~λ(i), z(i)) , (λ

(i)
1 , · · · , λ

(i)
mi , z

(i)) and~µ(i) , (µ
(i)
1 , µ

(i)
2 · · · , µ

(i)
mi), re-

spectively. Therefore we can obtain the relation equations, φk ’s, between roots and coefficients
of a polynomial, comparing the coefficients induced from theeigenvalue multisetB(i) with the
coefficients of the characteristic polynomialpi(s) of each FC block matrixM(~λ(i), z(i)). �

B(i) is partitioned into a fixed multisetF (i) and a flexible multisetU (i) = B(i) − F (i). Let
us set~s = (~λ(i), z(i)). For eachU (i), we define a vector~u by ~u = (u1, · · · , ud) for uk ∈ U (i)
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andd = |U (i)| where|A| is defined by the cardinality ofA. A free parameter vector~x is
defined by~x = (Re(~u), Im(~u)). We define a fixed vector~xc = (Re(~v), Im(~v)), where
~v = (v1, · · · , vd′) for eachvk ∈ F (i).

For all integers with1 ≤ k ≤ mi, the coefficient relation functionsφk can be defined in the
form, φk(~x, ~xc,~s). Set~φ = (φ1, · · · , φmi

) as in (4.6). The coefficient relation vector function
~φ : Rñ → Rmi represents smooth nonlinear functions defined by Eq. (4.6),whereñ is the
dimension of the vector(~x, ~xc,~s). We formulate a constrained nonlinear optimization problem
to compute an FC blockM(~λ(i), z(i)) whose eigenvalue multiset includesF (i).

Problem 4.2. For each multisetF (i), find a solution(~x,~s) of a nonlinear objective function
f(~x,~s) subject to equation or inequality constraints such that

min
~x,~s

f(~x,~s)

s.t. bl ≤ ~x ≤ bu

0 <~s ≤ cu

~φ(~x, ~xc,~s) = 0.

(4.9)

for a fixed parameter~xc wherebl is a lower bound vector,bu is an upper bound vector, and the
objective functionf(~x,~s) in (4.9) is given by

f(~x,~s) = −
mi
∑

k=1

lnλk. (4.10)

Now we consider what reasonable constraints are given in theconstrained optimization prob-
lem in (4.9). BecauseM(~λ(i), z(i)) andT are phase-type, all the real values of eigenvalues are

negative, i.e.,Re(µ
(i)
k ) < 0 for anyµ(i)

k ∈ B(i). We can set the upper bounds zerobu = 0 for

the real numbers, becauseRe(µ
(i)
k ) < 0. The other bounds,bl andbu, are given in a proper

bound from initial values for the algorithm to be convergence. We can see that the entries~λ(i)

are positive and0 ≤ z(i) < 1. The upper boundcu for ~λ(i) are given in an appropriate bound
from initial values.

Remark 4.5. • We can assume that first and second derivatives of the objective functions
and constraints are available because~φ consists of polynomials.

• We note that roots of the polynomial in (4.8) depend continuously on its coefficients.
That is well-known as the use of Rouche’s Theorem[19]. A small change in the coeffi-
cients ofp(s) causes only a small change in the roots of the polynomial.

• Using the result of Lemma 4.4, Problem 4.1 can be reformulated in the form of a
constrained nonlinear optimization problem for the coefficient relation functions with
respect to(~x,~s) in Problem 4.2. By solving a constrained nonlinear optimization in
Problem 4.2, we find a generator(~λ(i), z(i)) andU (i) for a fixedF (i).

Our objective is to find a HFCB representation with possible lower order, whose eigenvalue
multiset includes all eigenvalues ofT . We will discuss numerical problems for finding a HFCB
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representation with lower order by using a nonlinear optimization method. Our strategy is
to obtain the optimal solutions by extending some partiallyknown solutions recursively as
follows:

(1) Initially, compute an FE blockM(~λ(i), z(i)) such thatF (i) = A
⋂

B(i) is nonempty,
using Lemma 4.1.

(2) We choose a target multisetT such thatA ⊃ T ⊃ F (i). SetFk = F (i)

(3) We choose a new multisetFk(⊂ T ) corresponding to~xc after~xc moves a little and
solve Problem 4.2 for a new multisetFk, recursively. If Problem 4.2 is solved finally,
then we can obtain a generator(~λ(i), z(i)) such thatF (i) = T = A

⋂

B(i).
(4) If there is more additional target multisetT , then go to Step 2. Otherwise, go to the

next step.
(5) Finally, we obtain aM(~λ(i), z(i)) whose eigenvalue multiset includesF (i) = A

⋂

B(i)

We need to discuss the efficient numerical algorithm at the third step in the above method.
While a nonlinear optimization method is a powerful tool to find an optimal solution, there are
several potential difficulties to solve some problems such as divergence and instability. Most
of the numerical methods for solving the nonlinearly constrained optimization problems meet
a danger converging to a local minimal point or diverging, depending on initial values.

We propose alinear search algorithm in Algorithm 2. We can generate a sequence of
iterates that converges to an optimal solution provided that the initial value is sufficiently close
to that optimal solution. A basic idea is to make shift by following a straight line to a final
point from an initial point knowing a solution, and find a solution of the next stage using the
previous value as an initial value.

We choose a target multisetT ⊂ A, to which the multisetFk expands in each iteration.
Initially, assume that an optimal solution~xc,0 of Problem 4.2 is already computed and can be
used as an initial vector, because theµk’s in (4.8) are explicitly computed by using Lemma 4.1.
nd denotes the number of segments. It is related with the lengthof change. If the procedure
fails, then in order to avoid diverging we can try to execute the algorithm again after increasing
nd recursively until some threshold. For0 ≤ k ≤ nd − 1, compute~xc,k+1 such that

~xc,k+1 = ~xc,k + ~d (4.11)

where~d =
~xc−~xc,0

nd
. LetFk correspond to~xc,k. We find(~x,~s) corresponding toFk by solving

Problem 4.2 recursively, until arriving at the final destination. If the multisetFk arrives at the
final destination multisetT successfully, then the adaptive process succeeds. We can obtain
a vector(~x,~s) for a target multisetT . Additionally, if the procedure fails, then, in order to
avoid diverging, we can try to execute the algorithm again after increasingnd recursively until
a given threshold.

Finally, we implement a complete algorithm transforming from a given phase-type repre-
sentation to an HFCB representation(β,M), which has as minimal order as possible in Algo-
rithm 3. First, we compute an eigenvalue multisetA of T . Recursively, we find an FC block
M(~λ(i), z(i)) including a chosen eigenvalueµ ∈ A. We typically have two cases: an FC block
for a complex eigenvalue and a Coxian block for a real eigenvalue. For a complex eigenvalue
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Algorithm 2 LineSearch(B, F , T ,~s)

Input: B, F , T ,~s
Output: ~s, Flag, B

1: Compute a vector~x with respect toU = B − F
2: Compute an initial vector~xc,0 with respect toF
3: Compute~xc with respect to a target multisetT
4: Set a segment numbernd

5: ~d =
~xc−~xc,0

nd

6: for 0 ≤ k < nd do
7: Set~xc,k+1 = ~xc,k + ~d
8: Compute a new solution(~x,~s) of Problem 4.2 for an old value(~x,~s) and~xc,k+1

9: ComputeF corresponding to~xc,k+1

10: if No solutionthen
11: return Flag = False
12: else
13: Flag = True
14: end if
15: Resort~λ(i) in ascending order
16: update~s using~λ(i)

17: end for
18: B is updated by using(~x, ~xc)
19: return ~s, Flag, B

µ, an FC induced fromµ possibly includes other elements ofA. Choose a subset collection
P = {S1, · · · ,SN} such thatSk ⊂ Ω, Sk ∩F = ∅, and|Sk| ≤ |Sj | for k > j. If w ∈ Sk, then
w̄ ∈ Sk. UsingP, we can choose a new target multisetT (⊃ F) as large as possible. Compute
(~λ(i), z(i)) corresponding toT by applying the linear search algorithm. We can reduce the total
order of the HFCB matrixM depending on how to choose a target multisetT . The process
continues until all complex numbers fromΩ are removed. Next, for a selected real eigenvalue
µ ∈ Ω, we compute~λ(i) = µ, mi = 1 andz = 0, which generate the Coxian block. We then
resort a generatorΥ in the ascending order of the minimal number of~λ(i). Finally, we compute
an HFCB representationM andP using a generatorΥ such thatTP = PM. We can obtain a
transformation matrixP andM satisfyingTP = PM.

Finally, we note the initial vectorβ corresponding to the obtained mono-cyclic representa-
tion can be negative. Even thoughT has a Coxian generatorS(~λ) as Theorem 3.1, the positivity
of β is not guaranteed. The order of the resulting Coxian generator can be larger than that of the
original one. The process for finding suchP andS is called the Coxianization of PH-generator
T . The Coxianization of a PH-generator with only real eigenvalues has been proven to be fea-
sible; three numerical methods for Coxianization have beenintroduced and their performances
were compared [14].
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Algorithm 3 Compute an HFCB representation.

Input: (α, T )
Output: (β,M)

1: Compute the eigenvalue multisetA of T
2: IndexA in descending order of their real values
3: Ω = A, i = 0
4: while Ω is nonemptydo
5: i = i+ 1
6: if Ω has any complex numberthen
7: Select a complex numberµ ∈ Ω with a maximal real value
8: Choose a proper numbermi satisfying the inequality in (4.4)
9: Compute (~λ(i), z(i)) and an eigenvalue multisetB = {µ0, · · · , µmi−1} of

M(~λ(i), z(i)) by using Lemma 4.1.
10: F = {µ, µ̄}
11: Choose a subset collectionP = {S1, · · · ,SN} such thatSk ⊂ Ω, Sk ∩ F = ∅,

|Sk| ≤ |Sj | for k > j, and ifw ∈ Sk, thenw̄ ∈ Sk.
12: for t = 1 : N do
13: T = F ∪ St

14: [ ~s, Flag, B]= LineSearch(B, F , T ,~s)
15: if Flag == True then
16: Compute(~λ(i), z(i)) using~s, and insert it intoΥ.
17: Break
18: end if
19: end for
20: else
21: Select a maximal real valueµ ∈ Ω with
22: B = {µ}

23: ~λ(i) = µ, mi = 1 andzi = 0.
24: end if
25: Ω = Ω− B ∩ A
26: end while
27: Resort a generatorΥ in the ascending order of the minimal number of~λ(i)

28: By using Algorithm 1, compute a HFCB representationM andP using a generatorΥ such
thatTP = MP

29: Computeβ = αP
30: return (β,M)

To make the initial vector non-negative, additional stateshave to be added to the distribution
similarly. If β contains at least one negative element then a further transformation is required
to obtain a PH representation. We can extend the PH generatorby adding an Erlang tail as
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follows. For sufficiently largeλ, we define a vector~λ = (λ, · · · , λ) with repeat timesN . Set

a new generatorM1 =

[

M −M1
0 S(~λ)

]

. We haveTP = PM1, 1 = P1 andβ = αP . For

sufficiently largeN , the matrixαP is non-negative.

5. NUMERICAL RESULTS AND DISCUSS

We have implemented the proposed optimization methods to compute an HFCB represen-
tation (β,M) by using Matlab. In order to solve constrained nonlinear problems, we use an
interior point option in the function ‘fmincon’, consisting of sequential quadratic programming
and trust region techniques [20]. Extensive numerical experiments have been carried out. The
orders of the PH-generators are between 4 and 6 in our numerical simulation. This section
presents typical numerical examples to illustrate the effects of the proposed method.

Example 5.1. Consider a phase-type distribution with the PH-representation ((1, 0, 0, 0), T ),
where

T =









−4 0 0 0
1 −4 0 2.7
0 1.5 −2 0
0.1 0 0.9 −1









as introduced in[21]. By using Algorithm 3, we can obtain a4 × 4 transformation matrix
P andM satisfyingTP = PM, whereM is constructed in the form (3.3) by using~λ(1) =
[

1.435 1.435 3.716
]

andz(1) = 0.611, ~λ(2) = 4.412, z(2) = 0 and

P =









1.325 0.514 0.571 2.000
1.685 0.954 41.472 0.300
−0.146 2.910 1.148 0.500
2.349 1.611 0.450 0









.

Because the computed matrixP is not non-negative, the other constraint asαP ≥ 0 should
be needed instead ofP ≥ 0. The dimension is less than that of[9]. Therefore, we obtain an FC
representation(αP,M(~λ, z) with the same order of 4, while Mocanu and Commault’s method
[9] can transform an HFEB representation with an order of 5.

We note that the positivity ofP is not necessary for the existence ofβ = αP > 0 from
Example 5.1. The PH-majorization ofT is a too strong condition. Even for Coxianization
algorithm, makingP a positive matrix enforces the order to increase [14]. Ifβ contains at
least one negative element then a further transformation isrequired to obtain a monocyclic
representation. We can resort the diagonal elements of the HFCB be in an ascending order.
The ordering of blocks affects whether the vectorβ will be non-negative. We can extend
the monocyclic generator by adding an Erlang tail for sufficient largeλ similar to that of [8].
We give a counterexample condition for the nonexistence ofβ = αP > 0. We present a
counterexample condition,max(1tM) > 0 for β > 0 not to exist. In Algorithm 1, let us
observe the recursionpk = ((λk+1I + T )pk+1− ck+n′,k+1pk+n′)/ck,k+1 for max(1tM) > 0.
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When pk+1 and pk+n′ are positive, andck+n′,k > λk ( or 1tM > 0), negative entries in
pk−1 can appear. Therefore, we cannot obtainαP ≥ 0 for anyα ≥ 0. In the next example,
we can verify different properties of two cases,1tM ≤ 0 and1tM > 0 by using numerical
simulations.

Example 5.2. Consider a phase-type distribution with the PH-representation (α, T ) such that

T =













−6.0 0.6 0.6 0.6 3
2 −4.5 0 0 0.1
0 2 −3.5 0 0
0 0 2 −3 0
0 0 0 2 −2













While Mocanu and Commault’s method[9] can transformT into an HFEB representation with
order of 8, we can obtain a5 × 6 matrixP and an HFCB generatorM with an order of 6 by
using Algorithm 3. We can see that the matrixP is not non-negative. The proposed method can
derive multiple solutions depending on an given initial value. Formax(1tM) ≤ 0, we could
obtainα ≥ 0 such thatαP ≥ 0 after attempting several times. For example, there are two
typical cases after applying the proposed algorithm.

(1) The first case has~λ(1) = 1.120, z(1) = 0, ~λ(2) = (2.673, 2.678, 3.116, 4.49201, 6.366)

andz(2) = 0.0591. For max(1tM) ≤ 0, we obtainedα ≥ 0 such thatαP ≥ 0 after
several trials.

(2) In the second case, we have~λ(1) = 1.12084, z(1) = 0, ~λ(2) = (1.517, 3.660, 3.660,

3.660, 6.420) andz(2) = 0.096. For max(1tM) > 0, we computeP for several times.
Typically, we can obtainP such as

P =













−0.202 2.084 0.920 0.858 0.940 1.2
−0.127 1.043 0.481 0.090 1.914 2.4
−0.107 0.644 0.099 1.156 2.507 1.5
−0.113 0.539 0.936 1.686 1.753 1.0
−0.259 2.840 1.468 1.206 0.5463 0













.

Because all entries of the first column are negative, we can see thatmin(αP ) < 0 for
anyα ≥ 0.

In order to show that the proposed method has good performance, a large set of random PH
generators samples were generated in the next example. The random matricesT are dense, but
the canonical representations obtained by the proposed method are sparse.

Example 5.3. A 31 samples ofT with order 5 and 4 complex eigenvalues are generated ran-
domly. Then for each sample, the proposed method and Mocanu and Commault’s method[9]
are applied to obtainHFCB andHFEB, respectively. For each algorithm, we determineM

andβ = αP and check non-negativity ofβ. We compared the orders of the HFCB generators
and HFEB generators. LetdFC anddFE be the order ofHFCB andHFEB, respectively.
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FIGURE 2. Histogram of the orderdFE minus the orderdFC

In Fig. 2, we plotdFE − dFC . We could see that the order of the solution obtained by us-
ing the proposed method is smaller than that of the solution obtained by using Mocanu and
Commault’s method[9].

We note that there are several similar approaches to find compact PH representations with a
unicyclic structure [15, 21]. A unicyclic block has more flexibility than FE block or FC block,
since the representation has more free parameter and is denser. Since a unicyclic block has too
many free parameters (2m− 1) comparing to the number of equations (m), it is impossible to
obtain a stable optimal solution using numerical method. Soa modified unicyclic block was
introduced [15]. A modified unicyclic block approach reduces the free parameter number tom.
Thus, the values ofm free parameters can be obtained by solvingm equations. When the given
eigenvalue set frequently has no feasible solution, it cannot be applied. On the other hand, for
the case, the proposed method can obtain a feasible solutionby solving Problem 4.2.

Furthermore, the importance of simple sparse representations comes from the fact that the
computational complexity of PH-distributed random-variate generation depends on the repre-
sentation in simulation applications [8]. The FC block approach can lead to more effective
random number generation of PH-distributions in stochastic modeling and analysis because
the number of its feedback loop can be reduced.

6. CONCLUSION

We tried to transform a phase-type representation into a sparse HFCB representation with
an order as low as possible. We introduced a numerical methodfor computing an HFCB repre-
sentation by solving a nonlinear optimization problem. To find a sparse HFCB representation
with lower order, including the multiset of eigenvalues of the original generator, we developed
a numerical algorithm solving a constrained nonlinear optimization program. We discussed
some numerical issues in efficiently finding a stable solution of the nonlinear constrained op-
timization problem. The proposed method can be applied to the sparse positive realization of
positive system.
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ABSTRACT. The Richards equation for water movement in unsaturated soil is highly nonlinear
partial differential equations which are not solvable analytically unless unrealistic and oversim-
plifying assumptions are made regarding the attributes, dynamics, and properties of the physi-
cal systems. Therefore, conventionally, numerical solutions are the only feasible procedures to
model flow in partially saturated porous media. The standardFinite element numerical tech-
nique is usually coupled with an Euler time discretizationsscheme. Except for the fully explicit
forward method, any other Euler time-marching algorithm generates nonlinear algebraic equa-
tions which should be solved using iterative procedures such as Newton and Picard iterations.
In this study, lumped mass and distributed mass in the frame of Picard and Newton iterative
techniques were evaluated to determine the most efficient method to solve the Richards equa-
tion with finite element model. The accuracy and computational efficiency of the scheme and of
the Picard and Newton models are assessed for three test problems simulating one-dimensional
flow processes in unsaturated porous media. Results demonstrated that, the conventional mass
distributed finite element method suffers from numerical oscillations at the wetting front, espe-
cially for very dry initial conditions. Even though small mesh sizes are applied for all the test
problems, it is shown that the traditional mass-distributed scheme can still generate an incorrect
response due to the highly nonlinear properties of water flowin unsaturated soil and cause nu-
merical oscillation. On the other hand, non oscillatory solutions are obtained and non-physics
solutions for these problems are evaded by using the mass-lumped finite element method.

1. INTRODUCTION

The Richards equation is the governing equation for movement of water flow in partially
saturated porous media, contains nonlinearities arising from pressure head dependencies in
soil moisture and hydraulic conductivity. It is practically impossible to solve the equation
analytically in unsaturated soil profiles with complex initial boundary conditions due to its
highly nonlinear nature. Therefore numerical approximations are typically used to solve the
unsaturated flow equations. The standard approximations that are applied to the spatial domain
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are the finite difference and finite element methods are two popular schemes [1, 2]. Variations
of the standard finite difference and finite element methods,such as the sub domain finite
element method have also been successfully used to solve these problems [3]. The choice of
using either finite difference or finite element method for the solution of variably saturated
flow problems is largely personal and promoters of a particular method can easily support the
strengths of their preferred solution approach. This can cause problems when a choice has to
be made between these approaches, as it is difficult to independently evaluate the methods in a
substantial technique.

Several studies have explored the finite element solution [3, 4, 5, 6, 7]. Discussion about
efficiency of mass types, element orders, and matrix solution methods, as well as influence of
methods of numerical integration for the Richards equationare found few of these studies. The
main reason of this is the consistent (distributed) mass scheme with high order elements has
been typically accepted to be superior for solving complex nonlinear physical problems. Pre-
vious studies established that the numerical solution withconsistent mass formulation shows
oscillation [3, 5, 4, 6] but they are not explained about the reason of oscillations and methods
how to avoid the oscillations. Numerical oscillations is a significant factor to diverge the so-
lution of Richards equation when simulate a sharp wetting front entering a dry soil profile. To
overcome this difficulty, it is necessary to reduce the size of the element and time step size.
But the reduction in element size could drastically increase the simulation time, as a result the
numerical method becomes less attractive.

Numerical solution using pressure based formulation coupled with backward Euler time
discretization is shown to produce unacceptably large massbalance errors for many example
calculations. It is true for both finite difference and finiteelement approximation in space,
although finite elements are generally inferior to finite differences. Because use of pressure
head formulation with a simple time-stepping method is common, these findings appear to
have significant practical implications. Almost, all unsaturated flow simulations use either the
head-based or the moisture content-based formulation of Richards equation. A variety of finite
difference and finite element solution techniques have beenused with each of these equation
forms [3, 8, 9, 10, 11]. Numerical algorithm based on mixed form of Richards equation have
been proposed and mass balance errors occur in standard head-based numerical solution [12].

Fully implicit backward Euler time approximation applied to the mixed form of Richards
equation is mass conserving solution procedure for the unsaturated flow equation. Proper ex-
pansion of the time derivative produces a simple computational algorithm that is perfectly mass
conservative for numerical approximation that preserves spatial symmetry. Thus the finite dif-
ference and finite element approximations using this mixed formulation are perfectly mass
conservative. This approach is show to be superior to the standard head-based approximations
while requiring no more computational effort. However conservation of mass is shown to be
inadequate to guarantee good numerical solutions. For infiltration into dry soils, finite element
approximations produce oscillatory solutions even while conserving mass. It is shown that di-
agonalization of the time matrix, which occurs naturally infinite difference approximations,
is necessary and sufficient to guarantee oscillations free solutions. Mass conserving solution
procedure is presented by the use of modified definition of capacity term to force global mass
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balance and illustrated the importance of mass lumping in finite element solutions to unsatu-
rated flow problems [5]. The significance of mass lumping is also shown and report good finite
element solutions without mass lumping [3, 4, 10, 11]. Most of the studies are used a one-step
Euler time-marching algorithm with the head-based versionof Richards equation.

For stability reasons an implicit time discretization requiring evaluation of the nonlinear co-
efficients at the current time level, is generally used to solve the equation numerically. Newton
and Picard iterative schemes are commonly used to linearizethe resulting discrete system of
equations, with the Picard scheme being the more popular of the two [3, 11, 13, 14, 15]. Picard
method is the most intuitive linearization of Richards equation, computationally inexpensive
on a per-iteration basis, and preserves symmetry of the discrete system of equations. However,
some studies shown experimentally, the method may diverge under certain conditions [7, 10]
and verified theoretically [16].

On the other hand, the Newton scheme, which is quadraticallyconvergent [7, 17, 18] yields
complex non symmetric system matrices and expensive than Picard linearization, and can be
more robust than Picard for certain flow problems. The drawback of Newton’s method is that it
is only locally convergent and involves the computation of derivatives. Although the use of the
solution of the last time step to start the Newton iterationsimproves considerably the robustness
of Newton’ method, in the degenerate case (saturated/unsaturated flow) the convergence is
ensured only when a regularization step is applied and underadditional constraints on the
discretization parameters. While the Newton and the Picardschemes are generally robust,
these iterative methods entail computational costs associated with having to evaluate and solve
the system of equations repeatedly for each time step.

The objective of this study is to investigate the numerical behavior of finite element solution
of Richards equation including the suitability of lumped mass and distributed mass. The work
is also focused on determining the method which would offer astable solution without requir-
ing the resizing of the finite element mesh structure. Realistic initial and Dirichlet boundary
conditions are imposed in the numerical simulator to the head-based form of Richards equation.
To reduce the CPU time and maintain small truncation error, an adaptive time-stepping strat-
egy is implemented. The nonlinear matrix equations are solved using the Picard and Newton
iteration schemes. The performance of the algorithm is shown to be superior to the conven-
tional pressure head-based form and can be easily used in layered porous media without any
extraordinary treatment.

2. GOVERNING EQUATION AND DISCRETIZATION

The partial differential equation describing fluid flow in partially saturated porous media,
Richards equation, is obtained by combining Darcy’s law with the continuity equation. For
one-dimensional vertical flow in unsaturated soils, pressure head-based Richards equation is
written as

C(ψ)
∂ψ

∂t
=

∂

∂z

(

K(ψ)

(

∂ψ

∂z
+ 1

))

(2.1)
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where,ψ is the pressure head [L], t is time [T ], z denotes the vertical distance from the soil
surface assumed positive downward [L], K(ψ) is the hydraulic conductivity [LT−1], C(ψ) =
dθ
dψ

is the specific fluid capacity [L−1], θ is the volumetric water content.
The pressure head-based form can be successfully used in both saturated and unsaturated

zones as well as in layered and composite porous materials. However, several studies have
shown that it suffers from convergence difficulties and poormass balance in modeling infiltra-
tion into very dry media unless very fine discretizations areused [5, 7, 14, 19, 20, 21, 22, 23]
which, in turn, makes the computation very expensive. The time steps required for convergence
are several orders of magnitude smaller than is required forreasonable temporal discretization
[19]. The reason for these problems is highly nonlinear nature of the saturation-pressure func-
tion under dry initial conditions, causing very high fluid pressure gradient near the wetting
front and huge computational cost.

Solution of Richards equation requires knowledge of hydraulic conductivity and fluid con-
tent versus fluid pressure head. These relationships are known as the hydraulic properties of
the porous media. In this study, the most commonly used relationships are the van Genuchten
[24] model. This model illustrated in detail as follows

θ (ψ) = θr +
θs − θr

[1 + |αψ|n]m
if ψ ≤ 0 (2.2)

θ (ψ) = θs if ψ > 0 (2.3)

K (ψ) = Ks

[

θ − θr
θs − θr

] 1

2

{

1−

[

1−

(

θ − θr
θs − θr

) 1

m

]m}2

if ψ ≤ 0 (2.4)

K (ψ) = Ks if ψ > 0 (2.5)

c (ψ) = αmn
θs − θr

[1 + |αψ|n]m+1
|αψ|n−1 if ψ ≤ 0 (2.6)

c (ψ) = 0 if ψ > 0 (2.7)

Due to the nonlinear nature of the Richards equation (2.1), it should be solve numerically,
finite element Galarkin discretization in space and a finite difference discretization of the time
derivative term are used. To develop the finite element approximation of the pressure head-
based Richards equation, the weak formulation of the dependent variable and the constitutive
relations were approximated using interpolating polynomials [6, 25]. It was assumed that the
hydraulic conductivity as well as capacitance varies linearly within each element [26]:

ψ (z, t) ≈ ψ̂ (z, t) =
M
∑

j=1

ψj(t)Nj (z) (2.8)

K ≈ K̂ =

M
∑

j=1

KjNj (z) (2.9)



MASS LUMPING AND DISTRIBUTING FINITE ELEMENT ALGORITHM 247

C ≈ Ĉ =

M
∑

j=1

CjNj (z) (2.10)

whereM is the number of elements,Nj (z) is the selected basis function, andψj(t) is the
associated and time-dependent unknown coefficients representing the solution of flow equation
at nodes within the domain. The goal of the finite element approximation is to minimize the
error and this can be accomplished by introducing the weightfunction, Nj (z), and setting
operatorL(ψ̂) to be orthogonal toNj (z):

∫

Ω

L
(

ψ̂
)

Nj (z) dΩΩ =

∆z
∫

0

(

Ĉ (ψ)
∂ψ̂ (z, t)

∂z
−

∂

∂z

[

K̂ (ψ)
∂ψ̂ (z, t)

∂z

]

+
∂K(ψ̂)

∂z

)

Nj (z) dz

= 0 (2.11)

Performing integration by parts to reduce the second derivative and using fully implicit back-
ward Euler time-marching algorithm with the solution is assumed to be known at time leveln
and unknown at time leveln+ 1, one can discretize the time derivative in (2.11) to yield [27]:

[A] {ψ}n+1

j + [F ]

{

ψn+1
j − ψnj

∆t

}

= {B} (2.12)

where:

[A] =

∫ ∆z

0

K̂
∂Ni(z)

∂z

∂Nj(z)

∂z
dz (2.13)

[F ] =

∫ ∆z

0

ĈNi(z)Nj(z)dz (2.14)

{B} = −

∫ ∆z

0

∂K̂

∂z
Nj(z)dz (2.15)

One can found the detail evaluations of the above integrals and assembly of the global matrices
in the literature [28]. The final results are highlighted herein, first for the stiffness mass matrix
[F ]:

[F ] =
∆z

12















3C
1
+ C

2
C

1
+ C

2
0 · · · 0

C
1
+ C

2
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1
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3
C

2
+ C
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· · · 0
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. . .
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... C
N−2
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N−1
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N−1

+ C
N
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Similarly matrix [A] is assemble to form:

[A] =
1

2∆z













K
1
+K

2
−K

1
−K

2
0 · · · 0

−K
1
−K

2
K

1
+ 2K

2
+K

3
−K

2
−K

3
· · · 0

...
...

. . .
. . .

...
...

... −K
N−2

−K
N−1

K
N−2

+ 2K
N−1

+K
N

−K
N−1

−K
N

0 0 · · · −K
N−1

−K
N

K
N−1

+K
N













Finally the driving force vector[B] can be assembled to produce:

[B] =
1

2



















K
1
+K

2

K
3
−K

1

...
K

i+1
−K

i−1

...
K

N
−K

N−1



















+



















q
0
(t)
0
...
0
...

−q
L
(t)



















whereq
0
(t) is the net flux at the upper end andq

L
(t) is the imposed flux at the lower end of

the spatial domain.
Upon substituting these matrices in (2.12) and rearrangingthe finite element approximation

of the pressure head-based form Richards equation can be written in matrix form as [28]:
[

(

Cn+1
i−1 + Cn+1

i

) ∆z

12∆t
+
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Kn+1
i−1 +Kn+1

i
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i +Kn+1
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)
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=
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i−1 + 6Cn+1

i + Cn+1
i+1

) ∆z

12∆t

]

ψni −
Kn+1
i+1 −Kn+1

i−1

2
(2.16)

This formulation is called the finite element approximationof the pressure head-based form
Richards equation with distributed mass matrix.

The finite element formulation of flow equation with lumped mass matrix is as follows [27]:
[

Kn+1
i−1 +Kn+1

i

2∆z

]

ψn+1
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∆t
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]

ψn+1
i+1 =

∆z

∆t
Cn+1
i ψni −

Kn+1
i+1 −Kn+1

i−1

2
(2.17)



MASS LUMPING AND DISTRIBUTING FINITE ELEMENT ALGORITHM 249

3. ITERATIVE METHODS

The Richards equation (2.12) can be written in the followingvector form

A
(

Ψn+1
)

Ψn+1 + F
(

Ψn+1
) Ψn+1 −Ψn

∆t
= q

(

tn+1
)

− b(Ψn+1) (3.1)

3.1. Newton scheme. Let us consider

f
(

Ψn+1
)

= A
(

Ψn+1
)

Ψn+1 + F
(

Ψn+1
) Ψn+1 −Ψn

∆t
−q
(

tn+1
)

− b
(

Ψn+1
)

= 0 (3.2)

Herem stands for iteration index, so the Newton scheme [28] is

f
′ (

Ψn+1, m
)

h = −f
(

Ψn+1, m
)

(3.3)

where
h = Ψn+1,m+1 −Ψn+1,m (3.4)

and

f
′

ij = λAij +
1

∆tn+1
Fij +

∑

s

∂Ais

∂ψn+1
j

ψn+1
s

+
1

∆tn+1

∑

s

∂Fis

∂ψn+1
j

(

ψn+1
s − ψns

)

+
∂bi

∂ψn+1
j

(3.5)

is theij th component of the Jacobian matrixf
′
(

Ψn+1
)

.

3.2. Picard Scheme. The simple formulation of Picard scheme [28] can be obtaineddirectly
from (2.12) by iterating with all linear occurrences ofΨn+1 taken at the current iteration level
m+ 1 and all nonlinear occurrences at the previous levelm. We get,

[

A
(

λΨn+1,m
)

+
1

∆t
F
(

Ψn+1,m
)

]

h = −f
(

Ψn+1,m
)

. (3.6)

4. NUMERICAL SIMULATIONS

All numerical simulations are done by CATHY (CATchment HYdrology) model that fea-
tures elements of the sequential iterative coupling schemes. CATHY is a physically-based hy-
drological model where the surface module resolves the one-dimensional (1D) diffusion wave
equation and the subsurface module solves the three-dimensional (3D) Richards equation. Cou-
pling between these two equations is based on an extension ofthe boundary condition switching
procedure used in some subsurface models for the handling ofatmospheric inputs on the land
surface boundary of the catchment. The main objective of this work is to assess, via sensitiv-
ity analysis, the accuracy, computational effort and mass balance limitations for the CATHY
model over the frame of lumped mass and distributed mass along with the three tests of soil
hydraulic parameters which make soil retention functions are highly nonlinear. For the case of
convergence criterion, dynamic time stepping control is used to adjust step size of time during
simulation according to the convergence behavior of the nonlinear iteration scheme. Nonlin-
ear tolerance (tol = 10−3) is specified for each time step, along with a maximum number of
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iterations,maxit(= 10) . The simulation begins with a time step size of∆t0 and proceeds
until time Tmax. The current time step size is increased by a factor of∆tmag (= 1.20) to a
maximum size of∆tmax if convergence is achieved in fewer thanmaxit1 (= 5) iterations, it is
remain unchanged if convergence required betweenmaxit1 andmaxit2 (= 8) iterations, and
it is decreased by a factor of∆tred(= 0.5) to a minimum of∆tmin if convergence required
more thanmaxit2 iterations. If convergence is not achieved withinmaxit, the solution at the
current time level is recomputed using a reduced time step size to the minimum time step size
∆tmin. For the first time step of simulation, the initial conditions are used as the first solution
estimate for the iterative procedure. For subsequent time steps of simulation the pressure head
solution from the previous step is used as the first estimate.Thus time step size has a direct
effect on convergence behavior, via its influence on the quality of the initial solution estimate.
Back-stepping is also triggered if linear solver failed or if the convergence or residual errors
become larger than maximum allowable convergence or residual error in the nonlinear solution.
In the nonlinear iterative methods, the infinity norm (l∞) of the convergence error is used as the
termination criterion; that is, when

∥

∥Ψn+1,m+1 −Ψn+1,m
∥

∥ ≤ tol is satisfied, convergence is
achieved [29]. The residual error (

∥

∥f
(

Ψn+1,m
)∥

∥) is computed usingl∞ andl2 norms.
One measure of a numerical simulator is its ability to conserve global mass over the domain

of interest. Satisfying the mass balance is necessary but not completely adequate prerequisite
for a correct solution [7]. To measure the ability of the simulator to conserve mass, one of the
most widely used criteria for evaluating the accuracy of a numerical scheme [7] is the mass
balance error given by

Mass Balance Error=

∣

∣

∣

∣

1−
Total additional mass in the domain

Total net flux into the domain

∣

∣

∣

∣

where the additional mass in the domain is the difference between the mass measured at any
instant t and the initial mass in the domain, and the total netflux into the domain is the flux
balance integrated in time up tot. For the finite element approximation, this is calculated by
the following formula [7]:

MB(t) =

E−1
∑

i=1

(

θn+1
i − θ0i

)

(∆z) +
(

θn+1
0 − θ00

) (

∆z
2

)

+
(

θn+1
E − θ0E

) (

∆z
2

)

n+1
∑

j=1

{(

qjo − qjN

)

(∆t)
}

(4.1)

withN = E+1 nodes{z0, z1, z2, . . . . . . , zE}, and constant nodal spacing∆z is considered
andq0 andqN being boundary fluxes calculated from the finite element equations associated
with the boundary modesz0 andzN .

5. RESULTS AND DISCUSSIONS

To assure the purposes of this work, sum up three one-dimensional test problems on which
these investigations were based, examine methods for quantifying the efficiency, accuracy and
applicability of the resultant solutions, and draw methodsto evaluate the computational work
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required to achieve the results. A set of numerical experiments along with lumped and con-
sistent mass was performed, to assess the robustness of the approach, to investigate methods
for improving the efficiency of solutions to Richards equation and to evaluate the advantage of
using the technique.

5.1. Test Problem 1. It is a benchmark test problem that has been previously examined [22,
23, 31, 32, 33]. The domain of this test problem is short and saturated conditions are not
developed. To run CATHY model, two sets of nodal spacing are used (that is, 126 and 251
nodes are used). To assess the oscillation of the solution profile between mass lumping and
distributed mass, very small time step(∆tmin = 10−8 s) is used. In this test case, constant
pressure head boundary conditions are imposed, at the bottom and top of the soil column are
−10m and−0.75m respectively. The initial pressure head is−10m. Since the initial and
boundary conditions are not consistent, so a steep gradientin the pressure head is setup. A
0.3m column of soil with van Genuchten parametersθs = 0.368, θr = 0.102, α = 3.35/m,
n = 2.0 andKs = 7.970m/day.

The pressure head profiles of the finite element results for lumped and distributed mass
matrix for 126 and 251 nodes are shown in the FIGURE 1 and FIGURE 2 respectively. Note
that Pic=Picard & New=Newton in FIGURES. The agreement is quite perfect if using the
lumped mass for both the Picard and Newton iteration. Few numerical oscillations are produces
at the bottom of the soil column based on the consistent mass scheme and it does not improve
even with larger grid spacing. This dissimilarity occurs only for the handling of time (mass)
matrices in the two solution procedures.

FIGURE 1. Pressure head
profiles at 21600s for the
Picard and Newton iterative
schemes for the lumped and
distributed mass of 125 lay-
ers.

FIGURE 2. Pressure head
profiles at 21600s for the
Picard and Newton iterative
schemes for the lumped and
distributed mass of 250 lay-
ers.
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Satisfactory cumulative mass balance errors and nonlineariterations per time step for the
Picard scheme are shown in FIGURE 3 and FIGURE 4 respectively. Similar behaviors are

FIGURE 3. Mass balance re-
sult for the Picard iterative
scheme for the lumped and
distributed mass of 250 lay-
ers.

FIGURE 4. Convergence re-
sult for the Picard iterative
scheme for the lumped and
distributed mass of 250 lay-
ers.

observed for the Newton iteration technique. The evaluatedmethods clearly outperform the
predictable algorithm and these methods seem to handle thistest case without any significant
problems. It is also noted that the performance of the schemes in all cases is very similar to
that of the published reports [23, 31, 32, 33]. The computational statistics of the methods under
these conditions is shown in TABLE 1.

TABLE 1. Computational statistics of the Test Problem 1.
Note: Dist=Distributed,ite=iteration,CMBE=Cumulativemass balance error.

No. of layers Technique Mass No. of time steps NL ite/ Time step CMBE

125
Picard

Lump 2622 5.02 1.2954e-4
Dist 3783 5.02 5.9864e-5

Newton
Lump 6130 5.02 1.2940e-4
Dist 9620 5.01 5.9181e-5

250
Picard

Lump 1372 5.02 1.1228e-4
Dist 1360 5.02 3.7021e-5

Newton
Lump 3008 5.14 1.1114e-4
Dist 4281 5.01 3.3256e-5
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Graphical results and statistics of the simulation clearlyindicate that the mass lumping tech-
nique is robust than the mass distributing technique for thenumerical solution of Richards
equation.

5.2. Test Problem 2. It is a very difficult vertical infiltration one-dimensionalproblem of
10m high soil column for the van Genuchten model with the soil parametersθs = 0.301,
θr = 0.093, α = 5.47/m, n = 4.264 andKs = 5.040m/days. In order to evaluate the
influence of the algorithm, two sets of grid spacing, one of them is very dense (e.g.,∆z =
0.05m and0.025m) and very small time step size (i.e., for∆z = 0.05m, ∆tmin = 10−5s and
for ∆z = 0.025m, ∆tmin = 10−15 s) are considered and has been already analyzed in details
[23, 30, 33]. It has constant head boundary conditions at both top (ψ (10, t) = 0.1) and bottom
(ψ (0, t) = 0.0) boundaries and a hydrostatic equilibrium initial condition (ψ (z, 0) = −z).
The set of conditions investigated represents range of medium and auxiliary conditions that
are representative of a difficult class of infiltration problem frequently solved using Richards
equation.

The pressure head profile from the solution for Test Problem 2of 200 layers is shown in
FIGURE 5. It is shown that mass distributed finite element method suffers from numerical

FIGURE 5. Pressure head profiles at17280s for the Picard and Newton itera-
tive schemes for the lumped and distributed mass of 200 layers.

oscillations at the wetting front but the lumped mass schemeoffered oscillations free stable
solution for dry initial conditions. The results hold for the iterative solution to the discretized
version of the pressure head Richards equation including Picard and Newton techniques. To
avoid the divergence, mesh and step size are reduced and FIGURE 6 represents pressure head
solution of 400 layers with very small time step size∆tmin = 10−15 s for mass lumped and
distributed mass. Still, the consistent mass scheme of Picard and Newton methods exhibits
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FIGURE 6. Pressure head profiles at17280s for the Picard and Newton itera-
tive schemes for the lumped and distributed mass of 400 layers.

significant numerical errors ahead of the infiltration frontbut such oscillations are not present
in the mass lumping formulation. Because the only difference between two solution proce-
dures is the treatment of the time derivative term, these results imply that diagonalized time
(mass) matrices are to be preferred. The cumulative mass balance errors plots are shown in

FIGURE 7. Mass balance re-
sult for the Picard iterative
scheme for the lumped and
distributed mass of 400 lay-
ers.

FIGURE 8. Convergence re-
sult for the Picard iterative
scheme for the lumped and
distributed mass of 400 lay-
ers.

FIGURE 7 for lumped and distributed mass of Picard scheme of 400 layers case. It is evident



MASS LUMPING AND DISTRIBUTING FINITE ELEMENT ALGORITHM 255

that excellent mass balance errors are shown for mass lumping case and this implies the nu-
merical results are strictly maintained accuracy. Same error profile is obtained by the Newton
method. FIGURE 8 is the graphical representation of the convergence behavior of the lumped
and distributed mass of Picard scheme in terms of the number of nonlinear iterations required
at each time step. It is found most striking here the very different behavior between the lumped
and distributed schemes during the simulation period. Where the consistent mass scheme is
forced to take very small step sizes from the beginning to theend of the simulation, that is,
constants convergence oscillations are shown in the simulation of distributed mass procedure.
A comparison of computational statistics, such as the cumulative mass balance errors, the total
number of time steps, and the nonlinear iterations per time steps for the various runs for the
two time matrices approaches, are tabulated in TABLE 2.

TABLE 2. Computational statistics of the Test Problem 2.
Note: Dist=Distributed, ite=iteration, CMBE=Cumulativemass balance error.

No. of layers Technique Mass No. of time steps NL ite/ Time step CMBE

200
Picard

Lump 2109 5.49 5.3998e-2
Dist 4679 5.06 6.0757e-2

Newton
Lump 1137 5.73 5.4068e-2
Dist 764 5.49 6.1042e-2

400
Picard

Lump 4028 5.60 5.0243e-2
Dist 9760 5.20 5.9236e-2

Newton
Lump 2539 5.56 5.0267e-2
Dist 2072 5.42 5.9502e-2

From these statistics in TABLE 2 it can be concluded that all runs have adequate and com-
parable accuracy for the case of mass lumping. Thus the flow equation is one that benefits from
mass lumping in finite element approximation.

5.3. Test Problem 3. This test study consists of vertical infiltration with redistribution [30,
35]. Current problem considers a one-dimensional soil column of5m deep discretized for two
sets of vertical resolution∆z = 0.0250m and0.0125m. Constant head boundary condition
ψ (0, t) = 0.0 at the bottom of the domain and a time dependent boundary condition ψ (10, t) =
−10(1.0 − 1.01e−t) at the top of the domain with hydrostatic equilibrium initial conditions
ψ (z, 0) = −z are applied. The time varying boundary condition yields a difficult two-front
problem. This soil column is parameterized using the van Genuchten relationships withθs =
0.301, θr = 0.093, α = 5.47/m, n = 4.264.0 andKs = 5.040m/days.

FIGURE 9 and FIGURE 10 show the comparison of pressure head solution profiles for
the cases of lumped and consistent mass of 200 and 400 layers respectively and the solution
obtained with lumped mass is very similar to the previous studies [30, 36]. Picard and Newton
iterative techniques with lumped and distributed mass schemes are achieved convergence with
the minimum time step size∆tmin = 10−18days. Run of Newton iteration of distributed
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FIGURE 9. Pressure head
profiles at 0.3days for the
Picard and Newton iterative
schemes for the lumped and
distributed mass of 200 lay-
ers.

FIGURE 10. Pressure head
profiles at 0.3days for the
Picard and Newton iterative
schemes for the lumped and
distributed mass of 400 lay-
ers.

mass method had to forced stopped due to the time of simulation is significantly increased
for both the grid spacing and it is true even for infinitesimalminimum time step∆tmin =
10−20days. It is evident from these figures (FIGURE 9 and FIGURE 10) thatthere is a rapid
infiltration of water from the surface, followed by a period of redistribution of the water due to
the dynamic boundary condition at the top of the domain basedon the mass lumping process.
Mass-distributed scheme can still generate numerical oscillations due to the highly nonlinear
properties of water flow in unsaturated soil. Similar numerical results hold for the larger grid
spacing.

Figure 11 shows the cumulative mass balance errors profile ofthe Picard iterative scheme for
the mass lumping and distributed mass of 400 layers. The magnitude of the errors is remarkably
small for the lumped mass scheme throughout the entire domain of integration, attesting to the
consistency of the mass lumping approximation. Similar results are obtained with respect
to 201 nodes of spatial discretization, again confirming therobustness of the mass lumping
mechanism. The number of iterations required for convergence per time step with the mass
lumping scheme is compared to the distributed mass scheme inFIGURE 12. Lumped finite
element solution converge rapidly, conversely the number of iterations for the distributed mass
solution increases at the beginning of the simulation. The cumulative mass balance errors,
number of time steps, nonlinear iterations per time step fordifferent runs of the mass lumping
method and their comparison with the mass distributed method are presented in TABLE 3 and
it is clear that good performances are exhibited by the mass lumping algorithm. These results
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FIGURE 11. Mass balance
result for the Picard iterative
scheme for the lumped and
distributed mass of 400 lay-
ers.

FIGURE 12. Convergence
result for the Picard iterative
scheme for the lumped and
distributed mass of 400 layers

are illustrative of numerical comparisons and indicate clearly that diagonal time matrices are
superior to the distributed matrices.

TABLE 3. Computational statistics of the Test Problem 3.
Note: Dist=Distributed, ite=iteration, CMBE=Cumulativemass balance error,
NF=Simulation not finished.

No. of layers Technique Mass No. of time steps NL ite/ Time step CMBE

200
Picard

Lump 2010 3.77 1.3358e-2
Dist 3402 3.44 1.5059e-2

Newton
Lump 1736 3.61 1.3354e-2
Dist NF NF NF

400
Picard

Lump 3579 4.37 1.3419e-2
Dist 6896 3.49 1.5226e-2

Newton
Lump 2865 4.13 1.3416e-2
Dist NF NF NF

6. CONCLUSION

A simple one-dimensional finite element model for flow equation into homogeneous soils
was presented and the algorithm was implemented by applyingthe traditional iterative formu-
lations, Picard and Newton based on lumped and distributed mass. Lumping scheme ensures
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mass conservation and allows the handling of highly nonlinear phenomena. The similarity of
number of time steps to complete the simulation and rate of convergence between lumped and
distributed cases suggests that lumping formulation is generally superior to the distributing ap-
proximation. Presented results indicate that non oscillatory numerical solution becomes very
critical in solving problems of infiltration into dry soils with distributing mass. By the choice
of mass lumping numerical method performs very well for unsaturated flow problems involv-
ing vertical infiltration as well as redistribution. According to the experiences learned from
this study, very small time step size or very dense spatial discretization does not eliminate nu-
merical oscillations when solving the highly nonlinear Richards equation based on distributed
mass. The numerical evidence is complemented and explainedby the fact that, based on the
pressure head form of Richards equation, coupled with a lumped matrix, yields consistently re-
liable and robust for unsaturated flow problems, even for very dry initial conditions. Numerical
evaluations are presented by this study confirmed that the suitable methodology for unsaturated
flow problems is one that is based on the pressure head form of Richards equation, and uses
a lumped form of the time matrix and can easily be extended to multidimensional problem in
saturated-unsaturated regions in heterogeneous and layered porous media.
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ABSTRACT. In this paper, an integro-differential equation which arises in oscillating magnetic
fields is studied. The generalized fractional order Chebyshev orthogonal functions (GFCF)
collocation method used for solving this integral equation. The GFCF collocation method can
be used in applied physics, applied mathematics, and engineering applications. The results of
applying this procedure to the integro-differential equation with time-periodic coefficients show
the high accuracy, simplicity, and efficiency of this method. The present method is converging
and the error decreases with increasing collocation points.

1. INTRODUCTION

In this section, Spectral methods and some basic definitionsand theorems which are useful
for our method have been introduced.

1.1. Spectral methods.Spectral methods have been developed rapidly in the past twodecades.
They have been successfully applied to numerical simulations in many fields, such as heat con-
duction, fluid dynamics, quantum mechanics, etc. These methods are powerful tools to solve
differential equations. The key components of their formulation are the trial functions and the
test functions. The trial functions, which are the linear combinations of suitable trial basis
functions, are used to provide an approximate representation of the solution. The test functions
are used to ensure that the differential equation and perhaps some boundary conditions are sat-
isfied as closely as possible by the truncated series expansion. This is achieved by minimizing
the residual function that is produced by using the truncated expansion instead of the exact
solution with respect to a suitable norm [1, 2, 3, 4, 5, 6, 7, 8,9, 10].
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1.2. Basical definitions. In this section, some basic definitions and theorems which are useful
for our method have been introduced [11].
Definition 1. For any real functionf(t), t > 0, if there exists a real numberp > µ, such that
f(t) = tpf1(t), wheref1(t) ∈ C(0,∞), is said to be in spaceCµ, µ ∈ ℜ, and it is in the space
Cn
µ if and only if fn ∈ Cµ, n ∈ N .

Definition 2. The fractional derivative off(t) in the Caputo sense by the Riemann-Liouville
fractional integral operator of orderα > 0 is defined as [12, 13]:

Dαf(t) =
1

Γ(m− α)

∫ t

0
(t− s)m−α−1Dmf(s) ds, α > 0,

for m− 1 < α ≤ m, m ∈ N, t > 0, m is the smallest integer greater thanα, andf ∈ Cm
−1.

Some properties of the operatorDα are as follows. Forf ∈ Cµ, µ ≥ −1, α, β ≥ 0, γ ≥ −1,
N0 = {0, 1, 2, · · · } and constantC:

(i) DαC = 0,

(ii) DαDβf(t) = Dα+βf(t), (1.1)

(iii) Dαtγ =





0, γ ∈ N0 andγ < ⌈α⌉,

Γ(γ+1)
Γ(γ−α+1) t

γ−α, γ ∈ N0 andγ ≥ ⌈α⌉ or γ /∈ N andγ > ⌊α⌋,
(1.2)

(iv) Dα(

n∑

i=1

cifi(t)) =

n∑

i=1

ciD
αfi(t), where ci ∈ R. (1.3)

Definition 3. Suppose thatf(t), g(t) ∈ C[0, η] andw(t) is a weight function, then

‖ f(t) ‖2w =

∫ η

0
f2(t)w(t)dt,

〈f(t), g(t)〉w =

∫ η

0
f(t)g(t)w(t)dt.

Theorem 1. (Generalized Taylor’s formula) Suppose thatf(t) ∈ C[0, η] andDkαf(t) ∈
C[0, η], wherek = 0, 1, ...,m, 0 < α ≤ 1 andη > 0. Then we have

f(t) =

m−1∑

i=0

tiα

Γ(iα + 1)
Diαf(0+) +

tmα

Γ(mα+ 1)
Dmαf(ξ), (1.4)

with 0 < ξ ≤ t, ∀t ∈ [0, η]. And thus

|f(t)−
m−1∑

i=0

tiα

Γ(iα+ 1)
Diαf(0+)| ≤ Mα

tmα

Γ(mα+ 1)
, (1.5)

whereMα ≥ |Dmαf(ξ)|.
Proof: See Ref. [14].

The organization of the paper is expressed as follows: in section 2, the mathematical prelim-
inaries to the problem is expressed. In section 3, the GFCFs and their properties are obtained.
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In section 4, the work method is explained. Applications of the proposed method are shown in
section 5. Finally, a brief conclusion is given in the last section.

2. MATHEMATICAL PRELIMINARIES

The integro-differential equation [15, 16]

d2y

dt2
= g(t) − a(t)y(t) + b(t)

∫ t

0
cos(wps)y(s)ds (2.1)

wherea(t), b(t) and g(t) are given periodic functions of time may be easily found in the
charged particle dynamics for some field configurations. Taking for instance the three mutu-
ally orthogonal magnetic field componentsBx = B1 sin(wpt), By = 0, Bz = B0, the nonrel-
ativistic equations of motion for a particle of massm and chargeq in this field configuration
are

m
d2x

dt2
= q

(
B0

dy

dt

)
, (2.2)

m
d2y

dt2
= q

(
B1 sin(wpt)

dz

dt
−B0

dx

dt

)
, (2.3)

m
d2z

dt2
= q

(
−B1 sin(wpt)

dy

dt

)
. (2.4)

By integration of (2.2) and (2.4) and replacement of the timefirst derivatives ofz andx in (2.3)
one has (2.1) with

a(t) = w2
c + w2

f sin
2(wpt), b(t) = w2

fwp sin(wpt), (2.5)

g(t) = wf sin(wpt)z
′(0) + w2

cy(0) +wcx
′(0), (2.6)

wherewc = qB0/m andwf = qB1/m. Making the additional simplification thatx′(0) = 0
andy(0) = 0, equation (2.1) is finally written as [16]

d2y

dt2
= wf sin(wpt)z

′(0) −
(
w2
c + w2

f sin
2(wpt)

)
y(t)

+
(
w2
fwp sin(wpt)

) ∫ t

0
cos(wps)y(s)ds (2.7)

In this study, we consider the equation (2.1) with the following initial conditions

y(0) = β0, y′(0) = β1 (2.8)

There are methods to solve this equation, such as, He’s Homotopy perturbation method [16],
Chebyshev wavelet [17], Legendre multi-wavelets [18], Local polynomial regression [19],
Shannon wavelets [20], Variational iteration method [21] and Homotopy analysis method [22].

In this paper, we attempt to introduce a new method based on the generalized fractional
order Chebyshev orthogonal functions (GFCFs) of the first kind for solving the equation (2.1)
with the initial conditions (2.8).
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3. THE GENERALIZED FRACTIONAL ORDER CHEBYSHEV FUNCTIONS

In this section, first, the generalized fractional order of the Chebyshev functions (GFCF)
have been defined, and then some properties and convergence of them for our method have
been introduced.

3.1. The Chebyshev functions.The Chebyshev polynomials have been used in numerical
analysis, frequently, including polynomial approximation, Gauss-quadrature integration, inte-
gral and differential equations and spectral methods. Chebyshev polynomials have many prop-
erties, for example orthogonal, recursive, simple real roots, complete in the space of polyno-
mials. For these reasons, many researchers have employed these polynomials in their research
[23, 24, 25, 26, 27, 28].

Using some transformations, the number of researchers extended Chebyshev polynomials to
semi-infinite or infinite domains, for example by usingx = t−L

t+L
, L > 0 the rational functions

introduced [29, 30, 31, 32, 33, 34].
In the proposed work, by transformationz = 1−2( t

η
)α, α > 0 on the Chebyshev polynomi-

als of the first kind, the fractional order of the Chebyshev orthogonal functions in the interval
[0, η] have been introduced, that they can use to solve these integro-differential equations.

3.2. The GFCFs definition. The efficient methods have been used by many researchers to
solve the differential equations (DE) is based on the seriesexpansion of the form

∑n
i=0 cit

i,
such as Adomian decomposition method [35] and Homotopy perturbation method [36]. But
the exact solution of many DEs can’t be estimated by polynomial basis. Therefore, we have
defined a new basis for Spectral methods to solve them as follows:

Φn(t) =
n∑

i=0

cit
iα.

Now by transformationz = 1−2( t
η
)α,α, η > 0 on classical Chebyshev polynomials of the first

kind, we defined the GFCFs in the interval[0, η], that be denoted byηFTα
n (t) = Tn(1−2( t

η
)α).

By this definition, the singular Sturm-Liouville differential equation of classical Chebyshev
polynomials become:

√
ηα − tα

t
α
2
−1

d

dt

[√
ηα − tα

t
α
2
−1

d

dt
ηFTα

n (t)

]
+ n2α2

ηFTα
n (t) = 0, t ∈ [0, η]. (3.1)

TheηFTα
n (t) can be obtained using the recursive relation as follows (n = 1, 2, · · · ):

ηFTα
0 (t) = 1 , ηFTα

1 (t) = 1− 2( t
η
)α,

ηFTα
n+1(t) = (2− 4( t

η
)α) ηFTα

n (t)− ηFTα
n−1(t).

The analytical form ofηFTα
n (t) of degreenα is given by

ηFTα
n (t) =

n∑

k=0

(−1)k
n22k(n+ k − 1)!

(n− k)!(2k)!
(
t

η
)αk
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=
n∑

k=0

βn,k,η,α.t
αk, t ∈ [0, η], (3.2)

where

βn,k,η,α = (−1)k
n22k(n+ k − 1)!

(n − k)!(2k)!ηαk
and β0,k,η,α = 1.

Note thatηFTα
n (0) = 1 andηFTα

n (η) = (−1)n.

The GFCFs are orthogonal with respect to the weight functionw(t) = t
α
2
−1

√
ηα−tα

in the interval

[0, η]: ∫ η

0
ηFTα

n (t) ηFTα
m(t)w(t)dt =

π

2α
cnδmn. (3.3)

whereδmn is Kronecker delta,c0 = 2, andcn = 1 for n ≥ 1. Eq. (3.3) is provable using
properties of orthogonality in the Chebyshev polynomials.
Figs. 1 shown graphs of GFCFs for various values ofn andα andη = 5.

(a) (b)

FIGURE 1. (a) Graph of the GFCFs withα = 0.25 and various values ofn.
(b) Graph of the GFCFs withn = 5 and various values ofα.

3.3. Approximation of functions. Any functiony(t) ∈ C[0, η] can be expanded as follows:

y(t) =
∞∑

n=0

an ηFTα
n (t),

where the coefficientsan obtain by inner product:

〈y(t), ηFTα
n (t)〉w = 〈

∞∑

n=0

an ηFTα
n (t), ηFTα

n (t)〉w

and using the property of orthogonality in the GFCFs:

an =
2α

πcn

∫ η

0
ηFTα

n (t)y(t)w(t)dt, n = 0, 1, 2, · · · .
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In practice, we have to use firstm-terms GFCFs and approximatey(t):

y(t) ≈ ym(t) =

m−1∑

n=0

an ηFTα
n (t) = ATΦ(t), (3.4)

with

A = [a0, a1, · · · , am−1]
T , (3.5)

Φ(t) = [ηFTα
0 (t), ηFTα

1 (t), · · · , ηFTα
m−1(t)]

T . (3.6)

3.4. Convergence of the method.The following theorem shows that by increasingm, the
approximation solutionfm(t) is convergent tof(t) exponentially.
Theorem 2. Suppose thatDkαf(t) ∈ C[0, η] for k = 0, 1, ...,m, andηF

α
m is the subspace

generated by{ηFTα
0 (t),η FTα

1 (t), · · · ,η FTα
m−1(t)}. If fm = ATΦ (in Eq. (3.4)) is the best

approximation tof(t) from ηF
α
m, then the error bound is presented as follows

‖ f(t)− fm(t) ‖w≤
ηmαMα

2mΓ(mα+ 1)

√
π

α.m!
,

whereMα ≥ |Dmαf(t)|, t ∈ [0, η].

Proof. By theorem 1,y =
∑m−1

i=0
tiα

Γ(iα+1)D
iαf(0+) and

|f(t)− y(t)| ≤ Mα
tmα

Γ(mα+ 1)
,

sinceATΦ(t) is the best approximation tof(t) in ηF
α
m andy ∈ ηF

α
m, one has

‖ f(t)− fm(t) ‖2w ≤ ‖ f(t)− y(t) ‖2w

≤ M2
α

Γ(mα+ 1)2

∫ η

0

t
α
2
+2mα−1

√
ηα − tα

dt

=
M2

α

Γ(mα+ 1)2
η2mαπ

α22mm!
.

Now by taking the square roots, the theorem can be proved.�

Theorem 3. The generalized fractional order of the Chebyshev functionηFTα
n (t), has pre-

ciselyn real zeros on interval(0, η) in the form

tk = η

(
1− cos( (2k−1)π

2n )

2

) 1

α

, k = 1, 2, · · · , n.

Moreover, d
dt η

FTα
n (t) has preciselyn− 1 real zeros on interval(0, η) in the following points:

t′k = η

(
1− cos(kπ

n
)

2

) 1

α

, k = 1, 2, · · · , n− 1.
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Proof. The Chebyshev polynomialTn(x) hasn real zeros [37, 38]:

xk = cos

(
(2k − 1)π

2n

)
, k = 1, 2, · · · , n,

thereforeTn(x) can be written as

Tn(x) = (x− x1)(x− x2) · · · (x− xn).

Using transformationx = 1− 2( t
η
)α yields to

FTα
n (t) = ((1 − 2(

t

η
)α)− x1)((1 − 2(

t

η
)α)− x2) · · · ((1− 2(

t

η
)α)− xn),

so, the real zeros ofηFTα
n (t) aretk = η(1−xk

2 )
1

α .
Also, the real zeros ofd

dt
Tn(t) occurs in the following points [37]:

x′k = cos(
kπ

n
), k = 1, 2, · · · , n− 1.

Same as in previous, the absolute extremes ofηFTα
n (t) aret′k = η(

1−x′
k

2 )
1

α . �

4. APPLICATION OF THEGFCFCOLLOCATION METHOD

In this section, the GFCFs collocation method is applied to solve the integro-differential
equation in the Eq. (2.1).
For satisfying the boundary conditions, the conditions in the Eq. (2.8) are satisfied as follows:

ŷm(t) = β0 + β1 t+ t2 ym(t), (4.1)

whereym(t) is defined in the Eq. (3.4). Now,̂ym(t) = β0 and ŷm
′(t) = β1 whent tends to

zero, so the conditions in the Eq. (2.8) are satisfied.
To apply the collocation method, the residual function is constructed by substitutinĝym(t)

in the Eq. (4.1) fory(t) in the integro-differential equation (2.1):

Res(t) =
d2y

dt2
− g(t) + a(t)y(t) − b(t)

∫ t

0
cos(wps)y(s)ds. (4.2)

The equations for obtaining the coefficient{ai}m−1
i=0 arise from equalizingRes(t) to zero on

m collocation points:

Res(ti) = 0, i = 0, 1, ...,m − 1. (4.3)

In this study, the roots of the GFCFs in the interval[0, η] (Theorem 3) are used as collocation
points. By solving the obtained set of equations, we have theapproximating function̂ym(t).
And also consider that all of the computations have been doneby Maple 18 on a laptop with
CPU Core i7, Windows 8.1 64bit, and 8GB of RAM.
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5. ILLUSTRATIVE EXAMPLES

In this section, by using the present method, some well-known examples are solved to show
efficiently and applicability GFCFs method based on Spectral method. The present method is
applied to solve the integro-differential equation (2.1) and their outputs are compared with the
corresponding analytical solution. These examples studied also by Dehghan [16], Khan [18]
and Pathak [21], we will compare our results with their results to show the effectiveness of the
present method.

Example 1. Consider the equation (2.1) with [16, 18, 21]

wp = 2, a(t) = cos(t), b(t) = sin(t/2), β0 = 1, β1 = 0

g(t) = cos(t)− t sin(t) + cos(t) (t sin(t) + cos(t))

− sin(t/2)

(
2

9
sin(3t)− t

6
cos(3t) +

t

2
cos(t)

)
.

The exact solution of this equation isy(t) = t sin(t) + cos(t). By applying the technique
described in the last section, for satisfying the boundary conditions, the conditions are satisfied
asŷm(t) = 1 + t2 ym(t). The residual function is constructed as follows:

Res(t) =
d2y

dt2
− g(t) + a(t)y(t) − b(t)

∫ t

0
cos(wps)y(s)ds.

Therefore, to obtain the coefficient{ai}m−1
i=0 ; Res(t) is equalized to zero atm collocation point.

By solving this set of nonlinear algebraic equations, we canfind the approximating function
ŷm(t). Figure 2 shows the logarithmic graph of the absolute error and the residual error of the
approximate solution and the analytic solution form = 20 andα = 0.50.

(a) (b)

FIGURE 2. The logarithmic graphs of the absolute error and the residual error
for example 1 withm = 20 andα = 0.50. Graph of the (a) absolute, (b)
residual error.
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The resulting graph in comparison to the presented method and the exact solution is shown
in Figure 3(a). In Figure 3(b) to show the convergence of the present method, we showed that
by increasing them the residual function decreases, whereα = 0.50.

(a) (b)

FIGURE 3. (a) Obtained graph in comparison to the exact solution with m =
20 andα = 0.50. (b) Residual functions form = 10, 15, 20 andα = 0.50,
to show the convergence rate of the GFCF method for example 1.

Table 1 compares the error norm‖y − ym‖2 by the present method and Dehghan [16] for
examples 1-3.

TABLE 1. Comparison of error norm‖y − ym‖2 by Dehghan [16] and the
present method for examples 1-3

Example Dehghan [16] Present method

Example 1 6.826965141905116e-13 1.4691408679507079e-20
Example 2 2.440936203513114e-13 8.8876680000000000e-39
Example 3 3.279510650660257e-12 2.6061709227703975e-95

Table 2 compares the obtained values ofy(t) by the present method and the values given by
Khan [18] (Legendre multi-wavelets) and Pathak [21] (Variational iteration method), it shows
that the results obtained in the present method are more accurate.
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TABLE 2. Obtained values ofy(t) for example 1 by Khan, Pathak, and the
present method withm = 20.

t Khan [18] Pathak [21] Present method Exact Solution Abs. Err. Res. Err.

0.1 1.006711649 1.004987505 1.004987506944 1.004987506942 1.997e-12 3.329e-9
0.2 1.019729643 1.019800356 1.019800443994 1.019800444000 5.546e-12 3.391e-9
0.3 1.043967189 1.043991584 1.043992551130 1.043992551124 6.216e-12 1.032e-9
0.4 1.078484444 1.076823090 1.076828330937 1.076828330926 1.072e-11 3.318e-9
0.5 1.116769872 1.117276231 1.117295331180 1.117295331192 1.182e-11 1.190e-9
0.6 1.164117090 1.164067124 1.164121098922 1.164121098946 2.436e-11 3.746e-9
0.7 1.216007719 1.215666930 1.215794568347 1.215794568350 3.654e-12 1.388e-9
0.8 1.270604841 1.270327190 1.270591582096 1.270591582066 2.975e-11 2.415e-9
0.9 1.326616801 1.326109990 1.326604186976 1.326604186935 4.096e-11 3.827e-9

Example 2. Consider the equation (2.1) with [16, 18, 21]

wp = 1, a(t) = − sin(t), b(t) = sin(t), β0 = 1, β1 = 2/3

g(t) =
1

9
e−

t
3 − sin(t)

(
e−

t
3 + t

)

− sin(t)

(
− 3

10
cos(t)e−

t
3 +

9

10
sin(t)e−

t
3 + cos(t) + t sin(t)− 7

10

)
.

The exact solution of this equation isy(t) = e−
t
3 + t. By applying the technique described in

the last section, the conditions are satisfied as :ŷm(t) = 1 + 2
3t+ t2 ym(t), and construct the

residual functions as follows:

Res(t) =
d2y

dt2
− g(t) + a(t)y(t) − b(t)

∫ t

0
cos(wps)y(s)ds.

Figure 4 shows the logarithmic graph of the absolute error and the residual error of the approx-
imate solution and the exact solution form = 20 andα = 0.50.

(a) (b)

FIGURE 4. The logarithmic graphs of the (a) absolute error and the (b) resid-
ual error for example 2 withm = 20 andα = 0.50.
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The resulting graph in comparison to the present method and the exact solution is shown
in Figure 5 (a). To show the convergence of the present methodto solve this example with
α = 0.50 in Figure 5 (b), we showed that by increasing them the residual function decreases.

(a) (b)

FIGURE 5. (a) Obtained graph in comparison with the exact solution with
m = 20 andα = 0.50. (b) Residual functions form = 10, 15, 20 andα =
0.50, to show the convergence rate of GFCF method for example 2.

Table 1 compares the error norm‖y − ym‖2 by the present method and Dehghan [16] for
examples 1-3. Table 3 compares the obtained values ofy(t) by the present method and the
values given by Khan [18] (Legendre multi-wavelets) and Pathak [21] (Variational iteration
method), it shows that the results obtained in the present method are more accurate.

TABLE 3. Obtained values ofy(t) for example 2 by Khan (Legendre multi-
wavelets), Pathak (Variational iteration method), and thepresent method with
m = 20

t Khan [18] Abs. Err. Present method Exact Solution Abs. Res.
Pathak [21] Err. Err.

0.1 1.067409867 5.0900e-13 1.06721610048200590204 1.06721610048200590204 2.5e-21 4.1e-18
0.2 1.135498873 1.3237e-10 1.13550698503161773772 1.13550698503161773773 6.6e-21 4.0e-18
0.3 1.204831254 3.4433e-09 1.20483741803595957317 1.20483741803595957316 6.8e-21 1.1e-18
0.4 1.275363888 3.4759e-08 1.27517331904294745400 1.27517331904294745399 1.2e-20 3.7e-18
0.5 1.346379637 2.0843e-07 1.34648172489061407403 1.34648172489061407404 1.2e-20 1.2e-18
0.6 1.418729558 ———— 1.41873075307798185864 1.41873075307798185866 2.6e-20 3.9e-18
0.7 1.491932333 ———— 1.49188956633678166437 1.49188956633678166437 5.1e-21 1.4e-18
0.8 1.565927886 ———— 1.56592833836464869274 1.56592833836464869271 2.8e-20 2.4e-18
0.9 1.640830867 ———— 1.64081822068171786610 1.64081822068171786606 4.1e-20 3.8e-18
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Example 3. Consider equation (2.1) with [16, 18, 21]

wp = 3, a(t) = 1, b(t) = sin(t) + cos(t), β0 = 2, β1 = −5,

g(t) = −t3 + t2 − 11t+ 4− (sin(t) + cos(t))

(− t3

3
sin(3t)− t2

3
cos(3t)− 13

27
cos(3t)− 13

9
t sin(3t)

+
t2

3
sin(3t) +

16

27
sin(3t) +

2t

9
cos(3t) +

13

27
),

The exact solution of this equation isy(t) = −t3 + t2 − 5t + 2. By applying the technique
described in the last section, the conditions are satisfied as : ŷm(t) = 2 − 5t + t2 ym(t). The
residual function is constructed as follows :

Res(t) =
d2y

dt2
− g(t) + a(t)y(t) − b(t)

∫ t

0
cos(wps)y(s)ds.

Figure 6 shows the logarithmic graph of the absolute error and the residual error of the
approximate solution and the exact solution form = 5 andα = 0.50.

(a) (b)

FIGURE 6. The logarithmic graphs of the (a) absolute error and the (b) resid-
ual error for example 2 withm = 5 andα = 0.50.
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The resulting graph in comparison to the present method and the exact solutions is shown in
Figure 7.

FIGURE 7. Obtained graph in comparison to the exact solution for example 3
with m = 5 andα = 0.50.

Table 1 compares the error norm‖y − ym‖2 by the present method and Dehghan [16] for
examples 1-3. Table 4 compares the obtained values ofy(t) by the present method and the
values given by Khan [18] (Legendre multi-wavelets) and Pathak [21] (Variational iteration
method), it shows that the results obtained in the present method are more accurate.

TABLE 4. Obtained values ofy(t) for example 3 by Khan, Pathak, and the
present method withm = 5.

t Khan [18] Abs. Err. Present Exact Abs. Res.
Pathak [21] method Solution Err. Err.

0.1 1.510232801 ———— 1.50900000 1.509 0 4.331e-49
0.2 1.031768407 0.0000e-00 1.03200000 1.032 0 3.845e-50
0.3 0.563149603 ———— 0.56300000 0.563 0 2.869e-49
0.4 0.096626905 1.5399e-12 0.09600000 0.096 0 5.244e-49
0.5 -0.373166748 ———— -0.37500000 -0.375 0 6.837e-49
0.6 -0.856012437 4.1554e-11 -0.85600000 -0.856 0 7.799e-49
0.7 -1.353869376 ———— -1.35300000 -1.353 0 8.296e-49
0.8 -1.871984718 2.1376e-10 -1.87200000 -1.872 0 8.489e-49
0.9 -2.419488059 ———— -2.41900000 -2.419 0 8.517e-49
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6. CONCLUSION

The main goal of this paper was to introduce a new orthogonal basis, namely the generalized
fractional order of the Chebyshev orthogonal functions (GFCF) to construct an approximation
to the solution of the integro-differential equation arising in oscillating magnetic fields. The
presented results show that the introduced basis for the collocation spectral method is efficient
and applicable. Our results have better accuracy with lesser m, and the absolute error as com-
pared to the exact solution. A comparison was made of the exact solution and the present
method. As shown, the method is converging and has an approximate accuracy and stability,
and the error decreases with increasingm.
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